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3akpbIThie 33/IaHUS HA YCTAHOBJIEHHE COOTBETCTBHSA

I/IHCprKHI/Iﬂ AJIfl BBINIOJITHCHUSA 3aJaHUA: HquHTaﬁTe TEKCT U YCTAHOBUTE
COOTBETCTBUEC

Oomenpodeccnonanabaasg komnerenuusa ONK-2

HNnaukarop: MOIIK-2.1

Bpemsi Ha oTBeT: 2 MMH.

3aganue 1: YcraHoBUTE COOTBETCTBUE MEXKIY Kiaccamu 3aaad MU u tunnynsiMu
METOJaMH HX:

‘ Kaacc 3apaun H Meron

‘1. Knaccudukanus nzodpaxeHuit HA Ceeprounas HeliponHas cetb (CNN)

‘3. [TnanupoBanue neiicTBuil podoTa HC Anroputm STRIPS / Graphplan

|
|
‘2. [Touck B orpoMHOM Tpade HB Anroput™m A* ¢ 3BpUCTHKOIA ‘
|
|

‘4. IIpenukTrBHAS aHAJIMTHKA Hponan(HD. I'pagueHTHbIN OYCTUHT pelIaroIIuX AEpEBbEB

3anumuTe BbIOPpaHHBbIE OYKBBI 0] COOTBETCTBYHIUMH HUppamu:

1 2 3 4

HNuaukarop: MOIIK-2.1

Bpems Ha oTBeT: 3 MHH.

3aganue 2: CootHecute 3tansl ucropun MM u ux xapakrepHble TEXHOJIOTUYECKUE
JOCTH)KEHUS:

‘ dran H HocTukenne

‘1. «3uma UN» 1970-x HA Pacuger sxcneptHbIx cuctem (Mycin, XCON)

B. HpOBa.]'I CHUMBOJIMYCCKUX MCTOA0B N CHUIKCHUC

2. «3omnotoi Bek IC» 1980-x
(uHaHCUpOBaHUS

‘3. «3pa big data» 2010-e HC ITpopeie deep-learning (AlexNet, GPT)

‘4. «Pannmit ontumuzm» 1950- 60-e HD IepBas nporpamma-teopeminuk (Logic Theorist)

3anummure BblﬁpaHHbIe 6yKBI)I Mo COOTBETCTBYHOINMMHU umbpaMn:

1 2 3 4

Huankarop: UOIMK-2.1

Bpems Ha oTBeT: 2 MHH.

3ananme 3. YCTaHOBUTE COOTBETCTBHE MEXY (hopMaTaMM JOIrMYECKOTO BBIBOAA U HX
PEUMYIIECTBAMU:

‘ ®opmar H IpenmyiecTBo

‘1. Datalog HA ["apanTHpoBaHHas KOHEUHOCTH BBIBOJA (CTpaTU(UKALINS)
‘2. OWL-DL HB [Togneprxka 1eCKPUMIIMOHHBIX OHTOJIOTHI U reasoner’oB
3. Iposor

C. Horanus 65m3ka kK eCTeCTBEHHOMY SI3bIKY; backtracking
(Horn-kay3br)

‘4. SAT-CNF HD [Tonubrit unctpymentapuii SAT-conBepoB st NP-nonHbIX 3a1a4




3anumuTe BbIOPpaHHBbIE OYKBBI M0/ COOTBETCTBYHIIUMH IH(ppamMu:
1 2 3 4

HNnaukarop: MOIIK-2.1

Bpems Ha oTBeT: 3 MHH.

3ananue 4: CooTHECHTE CXEMBI pa3pelIeHus] KOH(IMKTOB B ABMKKE MPABUII U UX
XapaKTEPUCTHKH:

‘ Cxema H XapakTepucTuKa ‘

‘1. LEX HA IIpuopurer npasuia ¢ camMmou IOCIEAHEN aKTUBALMEN ‘

2. MEA (meton Hanbosee .
B. BeiOupaer npaBuiio ¢ HanOOJIBIIMM YHUCIOM YCIIOBHM

KOHKPETHOTO)
‘3. FIFO HC [TepBbIM cpabaTbIBaeT NMPaBUIIO, MTOMABIIEE B CIIMCOK PAHbIIIC ‘
‘4. LIFO HD CpabartbIBaeT mocieHee 100aBIeHHOE TPABUIIO ‘

3anumuTe BbIOPpaHHBbIE OYKBBI I0/] COOTBETCTBYHIIUMH IH(ppamMu:
1 2 3 4

HNuaukarop MOIIK-2.2

Bpemsi Ha oTBeT: 2 MHUH.

3aganue 5. YcTaHOBHUTE COOTBETCTBUE MEXKY TUIIAMU OTHOIICHUN B CEMAaHTHUECKOM ceTh
Y IPUMEPOM:

‘ OTHowIeHHe H IIpumep

‘1. is-a (Knaccn(pHKauHﬂ)HA. «Bopobeii — 1o nTHIa»

l
‘2. part-of HB «Koneco — 4acTb aBTOMOOHIIS» ‘
|
|

‘3. instance-of HC «Tecna Model 3 — sk3eMIuIsip Kiacca ABTOMOOHIIBY
‘4. causes HD «/10’k11b BBI3BIBAET MOKPBIN ac(hanbT»

3anummure BbIOpaHHbIC OYKBBI 101 COOTBETCTBYIOIIMMH Uppamu:
1 2 3 4

HNuapukarop: UOIIK-2.2
Bpemsi Ha oTBeT: 3 MHH.
3aganue 6: CooTHecHTE BUJ MPOIETYypP-AEMOHOB B peiiMax 1 MOMEHT MX aKTHUBaIUU:

‘ Hdemon H MoMeHT aKTHBAIMH ‘
‘1. if-needed HA [Tpu oOpamnierny K coTy 6e3 3HaYeHUs ‘
‘2. if-added HB [ocne mprcBOeHUS 3HAYCHUS CIIOTY ‘
‘3. if-removed HC [Tocne ynaneHus 3HaYECHUS U3 CIIOTA ‘

|

‘4. default-procedure HD [Tpu co3nanum sx3emIusipa Gppeiima

3anumure BoiIOpaHHbIe OYKBbI 110/1 COOTBETCTBYOIUMH nudpamu:
1 2 3 4




Huaunkarop: UOIIK-2.2
Bpems Ha oTBeT: 2 MHH.
3aganue 7: CootHecute onepatopsl IIposora u nx Ha3HaueHue:

|OnepaT0pH Ha3nauenmue |
|1. - “ A. TIpasuiio (Head :- Body) |
|2. , H B. KoubloHKIIUS yCIOBHI |
‘3. ; H C. In3bl0HKINS YCIOBHH (MITH) ‘
‘4. \+ H D. Orpunanue kak ommmbka (negation-as-failure) ‘

3anummre BbIOpaHHbIE 0YKBBI 10/ COOTBETCTBYOIIMMH HU(ppamMmu:
1 2 3 4

HNuaukarop: MOIIK-2.1

Bpemsi Ha oTBeT: 2 MHH.

3aganue 8: YcTaHOBHTE COOTBETCTBUE MEXKIY TPEOOBAHUSAMU K IBPUCTUKE U UX
OTIpe/ICIICHUEM:

‘ TpeboBanue H Onpenejenue ‘

‘1. Jomyctumocts (admissible) HA h(n) < h*(n) ans Bcex y3noB ‘

2. Koncucrentaocts (mo zronnocts)||B. h(n) < ¢(n,n') + h(n')

‘3. NudopmaTuBHOCTH HC Uewm BeIre h(n), TeM MeHbIIE pa3BETBICHUE ‘

‘4. JlomuHupoBaHue HD Ecmu h1(n) > h2(n) Vn, To hl tomunupyer h2‘

3anummure BbIOpaHHbIE OYKBBI 110/] COOTBETCTBYOIIMMH U pamMu:
1 2 3 4

HNuapukarop: UOIIK-2.2
Bpemsi Ha oTBeT: 3 MHUH.
3aganue 9: CooTHecUTe METOIbI OOPBHOBI C MepeoOyueHnEM U KOHKPETHBIE TPUEMBI:

‘ Metox H IIpuém ‘

‘1. Perynsapusanus HA L2-penalty B toructuueckoit perpeccuu ‘

‘2. OrpannueHue MO)IeJ'II/IHB. I'my6una nepeBa < max_depth ‘

‘3. VYBenuueHne TaHHbIX HC Augmentation nzobpaxenuit (flip/rotate)‘
‘4. DHCeMOTpPOBaHUE HD Bagging (Random Forest) ‘

3anummure BoiIOpaHHbIe OYKBbI 101 COOTBETCTBYOIUMH nudpamu:
1 2 3 4

HNnaukarop: MOIIK-2.2

Bpemsi Ha oTBeT: 2 MUH.

3aganue 10: YcrtaHoBHTE COOTBETCTBHE MEXIy TuUMaMu omubok JC U MeTronaMu HX
IIOMCKa.:




‘ Oumoka

Metoa noucka

|1. Jlornueckum UK

HA. Amnanus rpada 3aBUCUMOCTEH MpaBul

|2. KondumkT npasut

HB. [TpocmoTtp conflict-set B TpaccupoBke

‘3. Henoctmwxumblii pakt

HC. dopManbHBIN «0O0paTHBIN» BRIBOJ (goal tree)

‘4. N36p1TOUHOE Cpa6aTBIBaHI/ICHD. Jlor nmuHHBIX XypHanoB firing-pattern

3anummure BLIﬁpaHHLIe 6yKBLI moJa COOTBETCTBYHOINMMMU III/I(l)paMI/I:

1

2

3

HNupukarop: UOIIK-2.2

Bpems Ha oTBeT: 3 MUH.

3apnanme 11: CooTHecuTe XapakTEPUCTHKUA 3a7aud W HauOoJIee TIOIXOJISIIHMA

000JIOYKH:

‘ XapakTepucTuKa

O0o010uKa

‘1. JlnarHocTruka ¢ HeoNpeaEIEHHOCTBIO

HA. baiiecoBckas ceth (Netica, Bayes Box)‘

‘2. ['eomeTpryeckoe TIaHUPOBAHUE ,ZLBI/I)I(CHI/ISIHB. [Tnanuposmwmk (PDDL)

‘3. OO0BsACHMMOE KOHCYJIbTUPOBAHUE

HC. [IpaBunoBas o6onouka (CLIPS, Jess) ‘

‘4. Beictpas nmpoTotunusaius on-device

ID. Jiérxas rule-engine (Drools-Fusion)

3anummure Bblﬁpaﬂlﬂ)le 6yKBI)I Mo COOTBETCTBYHOINMMMU lll/l(l)paMI/I:

THUII

1

2

3

HNuapukarop: UOIIK-2.2

Bpemsi Ha oTBeT: 2 MUH.

33}18HI/IC 12: CooTtHecute AJITOPUTMBI KJIACTCPU3AUU M UX CUIIBHBIC CTOPOHBI:

‘ Auropurm H CuiibHasi CTOPOHA ‘
‘1. k-Means HA IIpoctota u ckopocts O(nk) ‘
‘2. DBSCAN HB HaxoxxaeHue kiaactepoB MpOU3BOIBHON (POPMBI, HJYM‘

‘3. Agglomerative HC Jennorpamma, He TpeOyert k

‘4. Gaussian MixtureHD. BeposiTHOCTHOE OTHECEHHE 0OBEKTOB

3anummre BbIOpaHHbIC OYKBBI 101 COOTBETCTBYOIIMMH U pamMu:

1

2

3

Nnaukarop: MOIIK-2.2

Bpemst Ha oTBeT: 2 MHH.

3ananue 13 YcTaHOBUTE COOTBETCTBHE MEX1y TUIIAMU HACJIETOBAHNS U IPUMEPOM:

‘ Tun H

IIpumep

‘1. MHO)KeCTBeHHOGHA. «Keruyn» Hacnenyet cBoiictBa «Coycy» u «lIpunpaBay

‘2. Hcknrouaromiee HB V y3na «[IMHrBUHY 3anpenieHo HACIe0BaTh CBOMCTBO «JIETaTh)

‘3. VYcnoBHOE

HC. «BoeHHbII caMoIE€T» HacleayeT «BOOpYKEeHuey, eciu kiacc = fighter

‘4. CranpaptHoe

HD «Cobaxka» HacCJICOyeT OT «MileKonuTarouee




3anumuTe BbIOPpaHHBbIE OYKBBI M0/ COOTBETCTBYHIIUMH IH(ppamMu:

1 2 3 4

HNnaukarop: MOIIK-2.2
Bpems Ha oTBeT: 3 MHH.
3ananue 14: YcraHoBuTe COOTBETCTBUE MexKAy onuusimu backtracking u apdexrom:

| Onnus H Ipdexr ‘

|1. Cut (1) HA OTtceuyeHue anbTepHATHB MOCIIE TOUKH ‘

‘2. Fail HB [TpunyauTenpHas HEy1a4a U OTKAT ‘

‘3. Green-cutHC. Be3onacHoe orcedueHue i ONTHUMA3ALUN ‘

|4. Red-cut HD OTtceuenue, MEHSIOIIEE JTOTHYECKYIO CeMaHTI/IKy‘

3anumuTe BbIOPpaHHBbIE O0YKBBI 101 COOTBETCTBYHIIUMH U(ppamMu:

1 2 3 4

Huaukarop: MOIIK-2.1

Bpemsi Ha oTBeT: 2 MHH.

3amanme 15:

Bonpoc: CooTHecuTe BUJIbl HOPMAJIU3ALUU U UX 11EJIb:

‘ Buj H Hean ‘
‘1. Pacieruienue ciaoxHbIX yCHOBHﬁHA. YMEHbIIUTh YUCIIO JIUTEPATIOB B JIEBOM CIIUCKE ‘
‘2. [TpuBenenue xk Horn-popme HB OObecneunTh TMHEHHBINA Pe30IbBEP ‘
‘3. VY nanenue ny0oaMKaToB HC VCKTI0YMTh OJJMHAKOBBIE MTPaBHIIa ‘
‘4. YcTpaHeHne UKIOB HD I"apanTHpOBaTH KOHEYHOCTH BHIBOJIOB ‘

3anummure BbIOpaHHbIE OYKBBI 10 COOTBETCTBYIOIIMMH HUppamMu:

1 2 3 4

HNuanukarop: UOITK-2.1
Bpemsi Ha oTBeT: 2 MHH.
3aganue 16: YcTaHOBUTE COOTBETCTBHE MEXAY CUMBOJIaMu Prolog-koHconu u ux

dyHKIMEH:

‘ CuMBoOJI H DOynkuus ‘

‘1. ?- HA Hayaio 3anpoca ‘

‘2. . HB 3aBepuicHHe YTBep)KI[eHI/IH/CiaHpOCEl‘

‘3. ; HC 3anpoc ajabTEpHATUBHOTO pCH_IeHI/Iﬂ‘

‘4. Ctr|+CHD. [IpepriBaHye BHIYMCIECHUS ‘

3anumuTe BbIOPpaHHBbIE OYKBBI M0/ COOTBETCTBYHIIIUMH IH(ppamMu:

1 2 3 4




Kiaroun k 3aganuam

Howmep Bompoca [IpaBuiibHBIN BapUaHT OTBETA
1 1-A,2—-B,3—-C,4—-D
2 1-B,2—-A3—-C,4—-D
3 1-A,2—-B,3—-C,4—->D
4 1-B,2—-A3—-C,4—-D
5 1-A,2—-B,3—-C,4—->D
6 1-A,2—-B,3—-C,4—-D
7 1-A,2—-B,3—-C,4—->D
8 1-A,2—-B,3—-C,4—-D
9 1-A,2—-B,3—-C,4—-D
10 1-A,2—-B,3—-C,4—->D
11 1-A,2—-B,3—-C,4—-D
12 1-A,2—-B,3—-C,4—->D
13 1-A,2—-B,3->C,4—-D
14 1-A,2—-B,3—-C,4—->D
15 1-A,2—-B,3—-C,4—->D
16 1-A,2—-B,3->C,4—-D

3akpoIThie 32IaHHUS HA YCTAHOBJICHHE IOCJI€10BATEIbHOCTH

I/IHCprKIII/Iﬂ AJIl BBINIOJIHEHUSA 3aJaHUA: HquHTaﬁTe TEKCT U YCTAHOBUTE
mocjaeaoBaTeJIbHOCTD

Oomenpodeccuonanbuass komnerenuus OIK-2

Huaukarop: UOIMK-2.1

Bpems Ha oTBer: 4 MHH.

3aganue 1: OnpenenuTte mnocienoBaTeaIbHOCTD MaroB npsamoro (forward) BeiBosa B
poayKIMOHHOM OC:

A) IpoBepka mpaBui Ha cpabaTeiBaHue (matching).

B) Paspemenue koudnuktos (conflict set).

C) AxTuBanus BEIOPaHHOTO MTPABUIIA.

D) 3anuch HOBBIX (DaKTOB B pabOUYIO MAMSITh.

3anummure COOTBCTCTBYHOIIYIO MMOCTECA0BATEIbHOCTD 6yKB CJieBa HaA IIpaBo.

Huankarop: UOIMK-2.1

Bpemsi Ha 0TBeT: 5 MMH.

3ananme 2: PaccraBbre sTansl Knowledge Engineering npu coznanuu 9C:
A) Uzsneuenue 3uanmii (knowledge acquisition).

B) ®opmanuzanus 1 MOJETHUPOBAHHUE TIPABHLII.

C) Peanu3anus aBuXkKa U HHTEpdeiica.

D) Bepudukanus u Baauganus CUCTEMBbI

3anummre COOTBECTCTBYHOINYIO MMOCJTEA0BATC/IBHOCTD 6yKB CJieBa HaA MpaBo.




Huankarop: MOIIK-2.1

Bpemsi Ha oTBeT: 4 MHH.

3aganue 3: OnpeneauTe MOPsI0K padOTHI AITOPUTMA PE3OJTIOLHMH JUTS JOKA3aTeIbCTBA
TEOPEMBI:

A) IpuBenenre 6a3pl 3HaHui + —1enu kK KHO.

B) Yuudukanus napsl KOMILIEMEHTAPHBIX JIUTEPATIOB.

C) IIpuMeHeH#e PE30IOLMH — HOBas Kiiay3yJia.

D) ITonyuenue mycroii knay3yisl (L).

3anumure COOTBCTCTBYHINYIO MOCTECA0BATEJIBHOCTD ﬁyKB CJI€Ba HaA IIpaBoO.

HNuaukarop MOIIK-2.2

Bpemsi Ha oTBeT: 5 MUH.

3ananue 4: OnpenenuTe N0cae10BaTEIbHOCTb IOCTPOCHHS CEMAaHTUYECKOM CETH
MPEIMETHOM 00JIaCTH:

A) Beigenenue CynHocTei.

B) Omnpenencure OTHOICHUH MEXKIY CYIITHOCTSIMH.

C) Mobasienue aTpuOyTOB K y3J1aM.

D) [IpoBepka ceTu Ha U30BITOYHOCTD M IIHKIIBL.

3anummure COOTBCTCTBYHOIYIO MOCTECA0BATECIBHOCTD ﬁyKB C JIeBA HA MPABO.

HNuaukarop: UOIIK-2.2

Bpemsi Ha oTBeT: 4 MUH.

3ananme 5: [locnenoBarensHO chopmupyiite GpeiiMOBYIO CTPYKTYPY sl 0ObEKTa
«ABTOMOOUIIB Y.

A) bazoBblit hpeiim ¢ 00s13aTeIBHBIMU CIIOTAMHU.

B) Onpenenenune Hacnenyemsix ciotos u default-snauenwuii.

C) Hasnauenue npoueayp-aemonos (if-needed/if-added).

D) Co3nanue 3K3eMILIIPOB-TIOAKIACCOB.

3anummTe COOTBETCTBYIOUIYIO MOCJIE0BATEIbHOCTh OYKB C JICBA HAa NPaBO:

HWuankarop: UOIIK-2.2

Bpemsi Ha oTBeT: 5 MUH.

3apanme 6: Onpenenute NOpsAAOK XBOCTOBOM peKypcHUH A BBIYMCIEHUS (paKTopHaa:
A) Unumanu3anis akkymysastopa «1».

B) IIpoBepka 6azoBoro ciay4as (N = 0).

C) XBoctoBoii Bb30B ¢ N-1, NewAcc = NxAcc.

D) Bo3Bpar akkymyssitopa.

3anumure COOTBETCTBYIOIIYIO MOCJIE€A0BATC/IBHOCTD 6y1€B C JIeBa HA NIPaBo.

| | | | |

HNumukarop: UOTTK-2.1
Bpems Ha oTBer: 4 MUH.
3ananue 7: YnopsgoubTe maru anroputma A*:




A) JlobaBiienue ctapToBOi BepIIMHbI B open-list.
B) M3BneueHue y3i1a ¢ MUHUMAJIbHBIM f(n).

C) Pacmmpenue cocepeii u o0HOBIeHUE HX f(n).
D) ITepemenienue y3na B closed-list.

3anumure COOTBCTCTBYHINYIO MOCTECA0BATEJIBHOCTD ﬁyKB C JICBA HA MpPaBo.

HNuauxarop: UOIK-2.2

Bpems Ha 0TBeT: 5 MHUH.

3aganue 8: PaccraBbTe 3Tanbl MalIMHHOTO O0YYEeHHS OT JaHHBIX A0 MPOJAKIIH:
A) Coop / pa3MeTKa TaHHBIX.

B) Feature engineering + mpemnponeccuHr.

C) OGyyeHMe U TIOHUHT MO/ICIIH.

D) Banupaanus, 1eUioi ¥ MOHUTOPHHT.

3anuiuuTe COOTBETCTBYIOINYIO MOC/Ie10BATEIbHOCTh OYKB € JIeBa HA PABO:

HNuaukarop: MOIIK-2.2

Bpems Ha oTBeT: 4 MUH.

3aganue 9: OnpenenuTe NPaBUIBHBIN MOPAIOK OTHanKK paBui DC:
A) JlorupoBanue cpabaTbIBaHUI.

B) BoisiBiieHre KOHGIUKTYIOIIUX TPABHII.

C) IIpocMOTp LENOYKH OOBSICHEHHS.

D) Koppekuus 6a3bl 3HaHUH.

3anummure COOTBECTCTBYHOIIYIO MMOCTECA0BATECIbHOCTD 6yKB C JIeBA HA NMPABO.

Huaukarop: UOIMK-2.1

Bpewmsi Ha oTBeT: 4 MUH.

3aganue 10: YcranoBute nopsiiok co3ganust 6asel gpaxtos Prolog:
A) Ompezenenne 1oMeHa (CUTHATYPBI IPESAUKATOB).

B) 3amuce aromMapHbIX (akToB.

C) Ompenenenne npaBuii-uHGEPEHIHN.

D) [loaroroBka TECTOBBIX 3alPOCOB.

3anummTe COOTBETCTBYIOUIYIO MOCJIE0BATEIbHOCTh OYKB C JIEBA HA NPaBO:

HNugukarop: UOIK-2.2

Bpemsi Ha oTBeT: 5 MHH.

3ananue 11: Onpenenure mopsiiok BeIOopa 06omouku IC 1o 3a/1a4y THarHOCTHKH .
A) Ormpenenienue Tumna 3a1a4 (IUarHoCTUKa — MPOTYKIIMOHHAS MOJIEIB).

B) Omenka momaep:xku Heonpeaenéunoctu (baitec / CF).

C) IIpoBepka TOCTYIMHOCTH CPEACTBA OOBSICHEHUIA.

D) CpaBHeH#e MPOU3BOAUTEIILHOCTH M CTOUMOCTH JIUIICH3HH.

3anummure COOTBECTCTBYHOINYIO MOCTECA0BATCIBbHOCTD 6yKB C JIeBA HA NPABO.




HNupukarop: UOITK-2.2

Bpemsi Ha oTBeT: 4 MHMH.

3ananme 12: PaccraBbTe nepapxuio GpeimMoB:
A) BazoBsiii ppeiim «OOBEKT».

B) IMoakmnace «TpancnopTy.

C) Ioakmacc «ABTOMOOHIIB.

D) Dx3emmutstp «Tesla-Model-3».

3anummure COOTBCTCTBYHINYIO MOCTECA0BATEJIbHOCTD ﬁyKB C JICBA HA MPaBO.

Huankarop: MOIIK-2.2

Bpemsi Ha oTBeT: 4 MHMH.

3aganue 13: Onpenenure nopsaok padboTel Mexanu3Mma backtracking:
A) Jloka3aTenbCTBO 1€ Yepe3 MepBbIi (aKT.

B) Heynaua yaudukarum.

C) Otkar x nociieineMy BEIOOPY ¥ BBIOOD albTEePHATUBHI.

D) YcnerHblii BBIBOJ MM OKOHYATEIbHAS HEYyIa4a.

3anuiunTe COOTBETCTBYIOINYIO MOC/IEe10BATEIbHOCTh OYKB € JIeBa HA PABO:

HNuaukarop: MOIIK-2.1

Bpemsi Ha oTBeT: 4 MUH.

3aganue 14: YcraHoBuTE NOPSI0K HOpMaIU3aluK paBui npu murpanuu IC:
A) JIeKOMITO3HLIHUS CIOKHBIX YCIOBHI Ha MPOCTHIC JTUTEPATIbI.

B) 3ameHa oTpHIIaHHii HA KOHTP-TIPaBUIIA.

C) Y nanenue nyOIupyOIMINX TPABHUIL.

D) [IpoBepka SKBUBAIIGHTHOCTH BBIBOJIA C ATAJIOHOM.

3anummure COOTBCTCTBYHOIIYIO MOCTECA0BATCIbHOCTD 6yKB C JIeBA HA MPABO.

HNnaukarop: MOIIK-2.1

Bpemsi Ha oTBeT: 5 MUH.

3aganue 15: Onpenennre NopsAoK cozaaHus 3anpoca B [Iposor-koxcomnu:
A) 3arpyska (aiina ¢ 6a30it 3HaHHIA.

B) Bri6op 11eneBoro npeaukara.

C) 3anaHue nepeMeHHBIX-apTYMEHTOB.

D) [ony4eHue perieHuit Mo HaKaTHIO ;.

3anummre COOTBETCTBYOINYIO MMOCTE€A0BATCIbHOCTD 6yKB C JIEBA HA NIPaBoO.

HNunukarop: UOITK-2.2

Bpemsi Ha oTBeT: 4 MMH.

3aganue 16: Omnpenenure MPaBHIBHYIO TOCIEIOBATENBHOCTh V V-IHKIA SKCIEPTHON
CUCTEMBI.

A) ®opmupoBaHHe 30JI0TOr0 HAOOpa KEeHCOB.

B) 3amyck DC na Habope u cOOp pe3yabTaToB.




C) CpaBHeHHe BBIBO/IA C PEILICHUSIMU SKCIIEPTOB.
D) Koppekuust npaBui1/mapaMeTpoB IO BBISIBICHHBIM PACX 03K ICHHSIM.

3anummure COOTBCTCTBYHOINYIO MOCTECA0BATEJIbHOCTD ﬁyKB C JICBA HA MPaBO.

Kiaroun k 3aganusam

Howmep Bompoca [IpaBuibHBIN BapraHT OTBETA
1 A—-B—->C—D
2 A—-B—->C—-D
3 A—-B—->C—-D
4 A—-B—->C—-D
5 A—-B—->C—-D
6 A—-B—-C—D
7 A—-B—->C—-D
8 A—-B—->C—-D
9 A—-B—-C—D
10 A—-B—->C—-D
11 A—-B—->C—-D
12 A—-B—->C—-D
13 A—-B—->C—-D
14 A—-B—->C—-D
15 A—-B—->C—-D
16 A—-B—->C—-D

OTKpbITHIE 321AHUS C PA3BEPHYTHIM 0TBETOM

I/IHCTDYK].[I/IH AJId BBINIOJIHCHUSA 3aJJaHUA: HquHTaﬁTe TEKCT U 3alIMIIHNTE

pa3dBepHYTHIii 000CHOBAHHBII 0TBET

Oomenpodeccuonanbuas komnerenuus OIMK-2

Huaukarop: MOIIK-2.1

Bpemst Ha oTBeT: 4 MHH.

3ananmue 1: Uto Takoe Cross-entropy loss B 3amaue kimaccuduxanum?
IHose nis orBera:

Huankarop: UOIMK-2.1
Bpemst Ha oTBeT: 4 MHMH.
3aganme 2:Kak paboraer aiaropuTM OOpaTHOrO  PacHpOCTpaHEHHUs

(backpropagation)?

ITos1e nas oTBeTA:

Nuaukarop: MOIIK-2.1

Bpems Ha oTBeT: 5 MUH.

3ananme 3: B uém pazauna mexay CNN u RNN?
IHose nas orBera:

OLINOKHA



Huankarop: MOIIK-2.1

Bpems Ha oTBeT: 4 MUH.

3ananmue 4: [lepeunciure OCHOBHBIE MOJICIH NpeacTaBieHus 3Hanuii B OC.
ITosie n1s1 oTBETA:

Huankarop: MOIIK-2.1

Bpems Ha oTBeT: 5 MHH.

3ananmue 5: [ToueMmy BOZHUKACT «3aTyXaHHE IPAJAUCHTA» B IITyOOKUX CETAX?
IloJse nis1 oTBeTA:

HNuaukarop: MOIIK-2.1

Bpemsi Ha oTBeT: 4 MHUH.

3aganue 6: Uro npoun3oiinér, ecnu learning rate CIMIIKOM BEIHK?
ITosie njs oTBeTA:

Huaukarop: MOIIK-2.1

Bpemsi Ha oTBeT: 4 MUH.

3aganue 7: Crnenyer nu npennodects LightGBM Random Forest Ha Gosbiiom TabiuyHoM
Habope?

ITos1e nas1 oTBeTA:

Huaukarop: MOIIK-2.2

Bpemsi Ha oTBeT: 5 MHUH.

3aganue 8: Kakoif MeTon1 KilacTepu3aluy BEIOPATh A7l CMEIIAHHBIX (YHUCIO+KATeropusl)
MPU3HAKOB?

ITosie nyist oTBeETA:

Huankarop: UOIIK-2.2

Bpemst Ha oTBeT: 4 MHUH.

3ananme 9: Jlatacer: 2 % mo3uTUBHOTO Kilacca. Kakue Mepsl npeAnpuHsTh?
IToJsie no1st oTBeTa:

Nuaukarop: MOIIK-2.1

Bpems Ha oTBeT: 5 MUH.

3aganue 10: Uto Takoe attention-MexaHu3M B TpaHcpopmepax?
IHose nois oTBera:

Huankarop: UOIK-2.1
Bpems Ha oTBeT: 4 MHH.




3ananue 11: Kak BN yckopsier oOyuenue?
Hose nis orBera:

HNnaukarop: MOIIK-2.1

Bpems Ha oTBeT: 5 MHH.
3ananue 12: CpaBaute TabNet 1 XGBoost Ha TaOMMYHBIX TaHHBIX.
ITose nus orBera:

HNnaukarop: MOIIK-2.2

Bpemsi Ha oTBeT: 4 MHH.
3ananue 13: HazoBute criocoOb! perynsipu3anuy HeMpOCeTH.
ITos1e nas1 oTBeTA:

HNnaukarop: MOIIK-2.2

Bpems Ha oTBeT: 5 MHH.
3aganue 14: [louemy GRU o6yuaercs 6pictpee LSTM?
ITos1e nas1 oTBeTA:

HNnaukarop: MOIIK-2.1

Bpemsi Ha oTBeT: 4 MHUH.
3aganue 15: Kak n3mennurcs ROC-AUC npu yiBO€HUH BCEX BECOB I'PaJAMEHTHOTO

Oyctunra?

ITose n1s oTBETA:

HNuapukarop: UOIIK-2.2

Bpemst Ha oTBeT: 5 MMH.
3aganue 16: CTOUT M MOJHOCTBIO 3aMEHSTh py4Hble (PYHKIIMU MpU3HaKoB AutoML-

cucreMou?

ITos1e nas oTBeTA:

Kuaroun k 3aganuam

Howmep Bonpoca

OtBet (pa3BepHyTOE 00OCHOBAHUE)

1 Jlorapudmudeckas ¢pyskuus noteps L=—Y yilni/ojpiL=-\sum y_i\In p_i
MEX/1y HCTHHHBIM one-hot yy 1 mporao3om pp.
2 Bpruncisier rpagueHThl N0 EMHOMY MPaBWIIy OT BBIXOJA CETH K Becam,




OOHOBJIAA HX T'paAuCHTHBIM CITYCKOM.

3 CNN o0pabaTbiBaeT MpOCTPAaHCTBEHHBIE JIOKAJbHBIE MAaTTepHBl, RNN —
10CJIEI0BATENBHOCTH C YYETOM MOPSAKA.

4 Jlornueckasi, cereBas, pperiMoBast, IPOIYKIIHOHHAsI, OHTOJIOTHYECKast
(OWL).

5 ITpousBeneHne MHOXKeCTBa MPou3BOAHBIX < 1 crpemurcs K 0.

6 Mogenb Ha4HET PaCXOJUTHCS U ITOTEPSET CXOAUMOCTb.

7 Ha, Onarogaps rpagMeHTHOMY OYCTHHTY M JIUCT-WiS€ POCTY OH OOBIYHO
TOYHEE U ObICTpEE.

8 k-Prototypes.

9 [Tpumenuts 6anancupoBky (SMOTE) + merpuky F1/ROC-AUC.

10 B3BemieHHOe ~ CyMMHpOBaHME ~ BCEX  CKpBITBIX  COCTOSIHUH €
ko uumentamu nogodust Query-Key.

11 Hopmupyer mean/var aKTUBaLUH, yMeHbLIas BHYTPECHHEE
KOBapUaIIOHHOE CMELICHHUE.

12 XGBoost ydie mo TouHOCTH U cKopocTH, TabNet —
UHTEpIIpeTHpyembie Macku 1 end-to-end GPU.

13 L1/L2-weight decay, Dropout, Data augmentation, Early stopping.

14 MeHnbli1e mapameTpoB — O00bEAMHEHBI BXOIHOM U 3a0BIBAFOIIMI T'CHUTHI.

15 He u3meHuTCS, MOCKOIBKY PAHTOBBINA MOPSAOK IPOTHO30B COXPAHSETCS.

16 YactuuHo: AutoML ycKOpUT IpOTOTHIL, HO JOMEHHbIE (PUYH YacTo

IIOBBIIIAIOT Ka4€CTBO.

3aKkpLIThIC 32JaHUS ¢ BLIOOPOM OJJTHOI'0 NPABWJILHOI'0 OTBETA U 000CHOBAHMEM

BbIOOpa

HNucTpykuus 1J1s1 BHINOJTHEHHUS 3a/IaHUSA: IPOYNTANTEe TEKCT, Bbi0epuTe
NPaBHJIbHBIN OTBET U 3alIMIIATE APTYMEHTHI, 000CHOBBIBAIOLIME BLIOOP OTBETa

Ooumenpodeccnonanpbaasg komnerenuusa ONK-2

HNuapukarop: UOITK-2.1

Bpemst Ha oTBeT: 4 MMH.
3ananme 1: Kakoii Tun 3agaun oTHOcHTCA K Kiaccy NP-nonHbix B o6mactu MN?

< BbiGepuTe OMH NPABHILHBIA OTBET:
A) Jluneiinas perpeccust
B) ITorck raMuiIbTOHOBA IMKJIA B HEOPUSHTUPOBAHHOM rpade
C) CoprripoBka MaccuBa CIHSHHUEM
D) Iposepka BoinmonauMoct Horn-dopmysibt

OTBer:

Oob0ocHoBanmue:

HNuapukarop: UOITK-2.1

Bpemst Ha oTBeT: 4 MHH.
3ananmue 2: Kakoii torudeckuii BEIBOJ JIGKHUT B ocHOBE Prolog?

< BriGepuTe 0OMH NPABHILHBI 0TBET:




A) HatypanbHblii 1€ JyKTUBHBIH BBIBO

B) Pedyranmonnas pezomntorus B JIoTHKe XOpHA
C) Ucumncnenue A-TepMOB

D) Tabauunbiit MeToq CMyiuHaHa

Otser:

O0ocHoBaHme:

HNuaukarop: UOIMK-2.1
Bpems Ha oTBeT: 5 MHH.
3ananmue 3: Kakas cereBas cxema yckopsieT matching npaswi B kpynHoi OC?

</ BbiOepuTe 011H NPABUILHBIN OTBET:
A) Jlepeso pemiennit CART
B) Rete-anroputm
C) Anroputm Dijkstra
D) Anroputm PageRank
Otser:
O0ocHoBaHme:

Huaukarop: MOIIK-2.2
Bpemsi Ha oTBeT: 4 MUH.
3aganue 4: Kakoif cranaapT onucaHusi OHTOJIOTUN OCHOBaH Ha description logic?

</ Bbi0epuTe 01UH NPABUIbHbIN OTBET:
A)RDF 1.1

B) OWL-DL

C) JSON-LD

D) RDFS

Otser:

O6ocHoBaHme:

HNnaukarop: MOIIK-2.2

Bpems Ha oTBeT: 4 MUH.

3aganue 5: Kak HazpIBaeTCs MEXaHN3M HACJIEI0BaHUs CBOMCTB (peliMa MpH YCIOBUHU, YTO
3HAUEHUE CJIOTA elI€ HE ONPEAEIIEHO Yy IIOTOMKA?
</ BbiGepuTe OMH NPABHILHBII OTBET:

A) TlepeomnpeneneHue

B) Cior-nemon if-needed

C) KonupoBanue sk3eMIuisipa

D) PeduiexcuBHas ccbuika

OrtBer:

O0ocHoBaHMe:

Nnaukarop: MOIIK-2.2
Bpems Ha oTBeT: 4 MUH.
3ananue 6: Kakoit mpuém yMeHbI1aeT He0OXOIUMOCTh TOPOTOCTOAIIETO OAKTpEKHHTa?

</ BoiGepuTe 0MH NPABUILHBI 0TBET:



A) Hcnons3oBanue orneparopa cut (!)

B) CmemmBanue (hakToB ¥ MpaBUil

C) Pasmeriienre npaBuil B CIIy4aiHOM TOPSIIKE
D) Ynanenune XBOCTOBOM peKypCUH

Otser:

O0ocHoBaHme:

HNnaukarop: MOIIK-2.1
Bpems Ha oTBeT: 5 MHH.
3ananme 7: Kakas xapakTepucTHKA JIeJaeT 3BPUCTUKY JTOMYCTUMON?

</ Bbi0epuTe 011H NPABUILHBIH OTBET:
A) h(n) HUKOT1a HE TIEPEOIICHMUBACT PEATBHYIO CTOMMOCTb 10 1EJIN
B) h(n) MOHOTOHHO BO3pacTaet BAOJIb MIyTH
C) h(n) paBHa HYJIIO B IIEJICBOM y3JIe
D) h(n) Beruaucnsercs 3a O(1)
Otsert:
O0ocHoBaHMe:

Huankarop: UOIIK-2.2

Bpems Ha oTBet: 4 MHH.

3ananme 8: Kakoii anroputm yaiie Bcero noka3plBaeT HAUIyYIlINe pe3yabTaThl HA
TAaOJMYHBIX TAaHHBIX «H3 KOPOOKM»?

</ BoiGepuTe OMH NPABUILHBIA 0TBET:
A) K-NN
B) Logistic Regression
C) Gradient Boosting Trees (XGBoost/LightGBM)
D) SVM ¢ RBF-sapom
OTtBerT:
O6ocHoBaHme:

Huaukarop: MOTIK-2.2

Bpemst Ha oTBeT: 5 MMH.

3ananme 9: Kakoit anroputm kiactepusaiiu He TpeOyeT 3aaHus yncia kiaactepoB k?
< BobiGepuTe OMH NPABHILHBIA OTBET:

A) k-Means

B) Gaussian Mixture

C) DBSCAN

D) k-Medoids

OTBer:

Oo0ocHoBaHue:

Nuaukarop: MOIIK-2.2
Bpems Ha oTBeT: 4 MUH.




3aganue 10: Kakoe cBolictBo o6ecrieunBaet Batch Normalization?

</ BbiOepuTe OUH NPABUILHBIN OTBET:
A) CHmwkeHre niepeoOyueHus MyTéM CIy4ailHOro OOHYJICHUST HEHPOHOB
B) Yckopenue o0yueHus 3a cYéT cTaOMIM3aLUK PACTIPE/ICIICHNS aKTHBALIUI
C) VBenunuenue receptive field ceéprounsix ¢puisTpoB
D) 3amena nenuneitnoctn ReLU Ha curmouny
Otsert:
O0ocHoBaHme:

HNnaukarop: MOIIK-2.2

Bpems Ha oTBeT: 4 MHH.

3ananme 11: Kakoii MeTon oOpabaThIBacT HEONPEIEIEHHOCT B TMAaTHOCTUIECKUX
sKkcnepTHbIX cucteMax Hewlett-Packard (Mycin-style)?

</ Bbi0epuTe 011H NPABUILHBIN OTBET:
A) BaiiecoBckast BEpOSTHOCTh
B) Teopus JlctoB
C) dakrop ysepennoctu (Certainty Factor)
D) Heuérkue MHOXeECTBA
Otser:
O0ocHoBaHme:

Hunaukarop: MOIIK-2.2
Bpems Ha oTBeT: 5 MHH.
3apnanme 12: Kaxkoit reasoner momnepxkuBaet OWL 2 DL wm amroputm Hermit?

< BbiGepuTe OMH NPABHILHBIA OTBET:
A) Pellet

B) FaCT++

C) Hermit

D) RDF4J-Inference

Otser:

O0ocHoBaHme:

HNugukarop: UOIK-2.2

Bpems Ha oTBeT: 4 MUH.

3ananue 13: Kakoii built-in npenukat Prolog BeimomHseT MeMouzanuio, nzoeras
MOBTOPHBIX BBIYUCIICHUIN?

< BbiGepuTe OMH NPABHILHBII OTBET:
A) assert/1
B) once/1
C) tabling (SLG)
D) fail/0
OTtBert:
O6ocHoBaHueE:




Huaunkarop: UOIK-2.1
Bpems Ha oTBeT: 5 MHH.
3ananue 14: Kakoii kputepuii moaTBepkKIaeT, 4To 0a3a nmpaBuil npuseaeHa K Horn-

Hopme?
</ BbifepuTe 011H NPABUILHbIN OTBET:

A) B tene mpauia < 1 MoJ0XUTENBHOTO JHTEpaa

B) B rosose npaBmia < 1 MoJI0KUTEIEHOTO JIUTEpaa

C) Bce nutepaibl oTpULIATEIBHBI

D) Kaxpiii TuTepai coaepKuT He Oosiee 2 mepeMEeHHbBIX
OrtBer:

O0ocHoBaHme:

Huapukarop: UOIIK-2.2
Bpemsi Ha oTBeT: 4 MUH.
3aganue 15: Kakoii ontuMu3arop KOMOMHHUPYET aJanTUBHBIN IIar 00y4eHUs U

MOMEHTYM?
</ Bbi0epuTe 0MH NPABUJILHbII OTBET:

A) SGD

B) Adam

C) Adagrad

D) RMSprop
OTtBer:
ObocHoBaHme:

HNupukarop: MOITK-2.2
Bpems Ha oTBeT: 4 MUH.
3aganue 16: Kak Ha3bIBaeTCsl METOMKA, KOrja 0aza mpaBuJl IPOBEPSETCS HA BCE

BO3MOYKHBIE KOMOMHALIMY BXOJIOB JUISI BBISIBIEHUS OIMIMOOK?
</ BbiGepuTe OMH NPABHILHBIA OTBET:

A) Monre-Kapio tect

B) DkBuBaneHTHOE pazoueHue

C) IMonnoe momapHoe (Pairwise) TecTupoBaHue

D) Tabnuunoe nepeuncnenue (truth-table exhaustive)

OrtBer:
O0ocHoBaHMe:
Kuroum k 3a1anusam
Howmep OtBet OTgeT (pa3BepHyTOE 0OOCHOBAHUE)
BOTIpOCa
1 B ['aMuIbTOHOB 1IMKII — KaHOHWYECKHU NP-1ToIHbIN TpuMep.
2 B Prolog-mammna = SLD-pe3omtonus st Horn-kmays.
3 B Rete kammpyer yacTudHBIC COBNAACHUS, YMEHbIIIAs mepedop.
4 B OWL-DL = DL-nogmuoxxectBo OWL 2 ¢ rapaHTupoBaHHBIM




BBIBOJIOM.

5) B Jlemon if-needed BeIUUCIHISIETCS TONBKO MIPH 3aMPOCE MYCTOTO CIIOTA.

6 A Cut oTceu€T abTepHATHBBI, PEIOTBPAIIIAs JINIITHUE OTKATHI.

7 A He-niepeorienka rapaHTUpyeT ONTUMAIBLHOCTE A*,

8 C Boosting ABTOMATHYECKU oOpabarbIBaeT HEJIMHEHHOCTH,
KaTeropuabHbIC TPU3HAKH.

9 C DBSCAN wucnons3yer mapameTpbl eps W MinPts, rpynmnupys mo
TUTOTHOCTH.

10 B BN HOpMEpyeT mean/var BHyTpH MUHH-0aTya.

11 C Mycin BBén CF-apupmernky.

12 C Hermit — reasoner, peanusyromuii hypertableau qis OWL2 DL.

13 C Tabling XpaHuT pe3yabTaThl U NEPEUCIIONB3YET UX.

14 B Horn-kiiay3a = MakCUMYM OJTH TTOJIOKUTEILHBIN JIUTEPAIT B TOJIOBE.

15 B Adam = RMSprop + Momentum (v u m).

16 D VIcTOYHHMKOM SIBJISIETCS TTOJIHAS TA0JINIA HCTUHHOCTH.

3akpbIThIe 33IaHUSI ¢ _BBLIOOPOM HECKOJLKHX BAPHMAHTOB OTBETA H_Pa3BEPHYTHIM

000CHOBAHNEM BLIOOPA

HHCTpYKIMSA 111 BHINOJTHEHHS 32/IaHUsI: POYUTANiTE TEKCT, BbIOEPUTE BCe

NMpaBUWIBbHLIC OTBETHI U 3AIIHIIUTE APIryMEHTDI, 060CHOBBIB310HII/IC BblﬁOp OTBETOB

OomenpodeccuonanbHas komnerenuus OIK-2

HNupukarop: MOITK-2.1
Bpems Ha orBer: 7 MHH.
3ananmue 1: Kakue yrBepx1eHUs] KOPPEKTHO XapaKTEPHU3YIOT cBOicTBa NP-momHbIx

3amay?

</ BbiGepuTe HECKOJILKO HENPABUILHBIX OTBETOB:

x?

A) Jlnst m000r0 peneHust CyIecTBYeT NOTMHOMHAIIbHAS TIPOBEPKA KOPPEKTHOCTH.

B) JTro6ass NP-nosHas 3amada cBoautes K SAT 3a MOTMHOMHATBHOE BPEMS.

C) NP-nonHbIe 3a1aum perrarotest 3a Bpemst O(n log n).

D) Ecnu Oyzaer HaiiieH MOJTMHOMHUAIBHBINA alrOpuT™ s oaHON NP-monHoi 3axaun, P =
NP.

E) NP-monHble 3aaum Beera TpeOyrOT SIKCIIOHCHIIMATBHOM MaMSITH.

OrtBer:

O0ocHoBaHue:

Nuaukarop: MOIIK-2.1
Bpemsi Ha oTBeT: 7 MHUH.
3aganme 2: Kakue JOCTIKEHHS OTHOCITCS K «30JI0TOMY BEKY» IKCHEpTHBIX cuctem 1980-

< BbiGepuTe HECKOJILKO HENPABUJILHBIX OTBETOB:

A) Mycin

B) XCON (DEC)
C) AlexNet

D) DENDRAL
E) GPT-2




OtBer:
Oo0ocHoBaHHE:

HNnaukarop: MOIIK-2.1

Bpems Ha oTBeT: 8 MHH.

3ananue 3: Kakue npeoOpa3oBaHus 00s13aTeNbHBI IIEPE]T 3aITyCKOM PE30JIIOLUHN?
</ Bbl0epHuTe HECKOJIbKO HeNPABHILHBIX 0TBETOB:

A) TpuBeneHue K MPEHEKCHOM HOpMalIbHOU (hopme

B) Cxuonemusanus (ynanieHue KBaHTOpoB )

C) PangomMu3aius mopsijiKa JMTepaioB

D) IlpuBenenne Kk KOHBIOHKTHBHON HOpMaJIbHOM (hopme

E) Ynopsnouenue TepmMoB 1o andaButy

Otser:

O0ocHoBaHme:

HNnaukarop: MOIIK-2.2

Bpems Ha oTBeT: 7 MHH.

3ananue 4: Kakue MexaHU3MBI TIOJJICP)KUBACT OOJBITMHCTBO COBpeMEHHBIX Prolog-
peanru30BaHU?
</ BbifepuTe HECKOJIBKO HeNPABHILHBIX 0TBETOB:

A) Unification ¢ okaHom OCCURS-check o ymon4anuto

B) Tail-call optimization

C) Tabnuur (SLG-pe3omntorust)

D) Backtracking ¢ riryOuHoO#-Briepén mouckoM

E) NapaHTHpOBaHHYIO JCKIAPATHBHYIO JETEPMHUHUPOBAHHOCTD MPOrPaMM

Otser:

O0ocHoBaHme:

HNupukarop: UOITK-2.1

Bpemsi Ha oTBeT: 7 MHUH.

3anganme 5: Kakue cTpateruu paszpenicHus KOHQINKTOB MUHUMH3UPYIOT TIyOHHY JIepeBa
BBIBOJIA?
</ Bbl0epuTe HECKOJILKO HeNPABHILHBIX 0TBETOB:

A) LEX (manbosiee KOHKPETHOE MTPABHIIO)

B) MEA (camas HOBasi paboyasi mamsITh)

C) FIFO

D) Agenda-weight 1o OIieHKe «TOYHOCTH

E) LIFO

OrtBer:

O0ocHoBaHMe:

HNuapukarop: UOITK-2.2




Bpems Ha oTBeT: 7 MHH.

3ananme 6: Kakue otHoueHus BxoasT B ISA-uepapxuto cemanTuueckoi cetu?
</ Bbi0epHuTe HECKOJIbKO HeNPABHILHBIX 0TBETOB:

A) is-a

B) instance-of

C) part-of

D) sibling-of

E) causes

Otser:

O6ocHoBaHme:

Huapukarop: UOIIK-2.2
Bpemsi Ha oTBeT: 8 MHUH.
3aganue 7: Kakue cBoiicTBa XxapakTepHsl A green-cut B Prolog?

< BbiGepuTe HECKOJILKO HENPABUILHBIX OTBETOB:
A) He BiusieT Ha JJOTUYECKYIO KOPPEKTHOCTh [IPOrPaMMbl
B) Mcnonb3yercs st ONTUMH3ALUHE CKOPOCTH
C) U3meHsieT MHOKECTBO Pe3yJIbTaTOB 3ampoca
D) Moxer 6e30macHO MPUMEHSITHCS B JJFOOOM MECTe KoJia
E) Bcerna cienyer mocie tecta yciaoBHs
Otsert:
O0ocHoBanme:

HNuapukarop: UOIIK-2.2
Bpemsi Ha oTBeT: 7 MHH.
3aganue 8: Kakue npusHaku CUTHAM3UPYIOT, YTO (peiiMoBas 6a3a crana u30bITOYHOI?

< BbifepHuTe HECKOJILKO HENPABHILHBIX 0TBETOB:
A) Yactbie ay0iu CIIOTOB y MOJIKIACCOB
B) Hecornacosannocts default-smauennii
C) Yuciio 3K3eMILISPOB MPEBBIIIAET YHCIIO0 KIACCOB
D) OtcyTcTBHE IEMOHOB ITOBEICHUS
E) 'nmy6una nacnemoBanus > 10
Otser:
O0ocHoBaHme:

Huankarop: UOIMK-2.1

Bpems Ha oTBeT: 8 MUH.

3amanue 9: Kakue MeTozp! morcka mo rpady o0ecneynBaoT ONTHMAIBHBIN MTyTh TIPH
paBHBIX Becax pédep?
</ BrbiGepuTe HECKOJILKO MPABHJILHBIX OTBETOB:

A) IMouck B mmpuny (BFS)

B) INouck B rnyouny (DFS)

C) Anroputm JIe#KCTpBI




D) A* ¢ h(n)=0

E) XKanusrit mouck mo 3spuctuke h(n)
Otsert:

Oo6ocHoBaHmMe:

HNnaukarop: MOIIK-2.1

Bpems Ha oTBeT: 7 MHH.

3ananue 10: Kakue cBoiicTa y GyHKIIMH 3BpUCTHKH h(n), eciin oHa KOHCUCTEHTHA?
</ BbiGepuTe HECKOJILKO PABHJILHBIX OTBETOB:

A) h(n) < cost(n,n") + h(n")

B) h(n) MmonoToHHa 110 TIIyOHHE

C) h(goal)=0

D) h(n) Hukora He mepeoleHUBALT MyTh

E) h(n) = 0 ms Bcex n

OrtBer:

O0ocHoBaHme:

HNnaukarop: MOIIK-2.2

Bpems Ha oTBeT: 8 MHH.

3aganue 11: Kakue MeTpUKH NOAXOAST Ul HecOalaHCUPOBAaHHOM OMHapHOI
kinaccudukanun?
</ Bbl0epHuTe HECKOJILKO HeNPABHILHBIX 0TBETOB:

A) Accuracy

B) Precision

C) Recall

D) Fl1-score

E) ROC-AUC

Otser:

O0ocHoBaHme:

Huankarop: UOIIK-2.2

Bpemst Ha oTBeT: / MMH.

3ananme 12: Kakue TeXHUKHM yMEHBIIAIOT IiepeoOydeHne riyookoi cetu?
< BbiGepuTe HECKOJILKO HENPABUJILHBIX OTBETOB:

A) Dropout

B) Early Stopping

C) YBenuuenue pazmepa 6arya go 1024

D) Data Augmentation

E) L2-regularization

Otger:

Ob0ocHoBannue:

HNuapukarop: UOITK-2.2




Bpemst Ha oTBeT: 7 MMH.

3ananme 13: Kakue metoasl 00beTuHEHNS (PAaKTOPOB YBEPEHHOCTH UCTOIb3yeT Mycin?
</ Bbl0epHuTe HECKOJILKO HENPABMILHBIX 0TBETOB:

A) min(a,b) 11 KOHBIOHKIIMH

B) max(a,b) 151 Iu3bIOHKINN

C) a + b — ab msa He3aBUCHMBIX MOIOKHUTEIBHBIX CF

D) a + b + ab gus orpunarensabix CF

E) —(a + b — ab) npu cMenaHHbIX 3HAKaxX

Otser:

O6ocHoBaHme:

HNnaukarop: MOIIK-2.2
Bpems Ha oTBeT: 8 MuH.
3ananue 14: Kakue yTBepKaeHUs BEpHBI 1Jis1 0alleCOBCKUX ceTei?

</ Bbl0epHuTe HECKOJIbKO HeNPABHILHBIX 0TBETOB:
A) IpencraBisior GaKTOPU3AILMIO COBMECTHOTO PACIIPEICICHHISI
B) Bcerna sBIsitoTCS OpHEHTHPOBAHHBIME AllUKIMYECKMMHU Tpadamu
C) IoanepXUBarOT IUKJIBI, €CITH BEPOSTHOCTH HOPMUPOBaHA
D) BeiBoa NP-tpyeH B o01iieM ciaydae
E) Ucmons3yroTest TOABKO IS AUCKPETHBIX MIEPEMEHHBIX
OTtBer:
O06ocHoBaHue:

HNnaukarop: MOIIK-2.2
Bpemsi Ha oTBeT: 7 MHUH.
3ananmue 15: Kakue onepanuu BoinonnseT reasoner npu OWL-undepence?

</ BrbiGepuTe HECKOJILKO HENPABUILHBIX 0TBETOB:
A) TIpoBepka KOHCHCTEHTHOCTH OHTOJIOTHH
B) BrIBO1 HOBBIX MOJ-KJIACCOB
C) Cuntakcuueckuit mapcunr Turtle
D) [lerekTrpoBaHKEe SKBUBAJICHTHBIX HHIMBUIOB
E) O6unoBnenue rpada RDF* tpanzakiusmu ACID
OrtBer:
O0ocHoBaHme:

Nnaukarop: MOIIK-2.2
Bpems Ha oTBeT: 8 MUH.
3ananmue 16: Kakue npaktuku cootBeTcTBYIoT MLOps-koHBeiiepy?

</ BbiGepuTe HECKOILKO HENPABUJILHBIX 0TBETOB:
A) CI/CD moneneit
B) Bepcuonupoanue nanubix (DVC)
C) PasBéprriBaHue BpyuHyIO uepe3 Jupyter
D) MonuTtopuHr apetida JTaHHBIX
E) Kanapeeunsrtit penus ¢ A/B-mapruipyrusanueit
Ortser:



Oob0ocHoBaHmMe:

Karoun k 3aganusam

Howmep OtBer OTtBet (pa3BepHyTOE 0OOCHOBAHHE)
BOIIpOCA

1 A, B,D NP-omnass —  «mpoBepsiercst 3a  poly-time», «SAT-nomnasy,
«I0CTaTOYHO 0JHOH poly-time amst P = NPy.

2 A B Mycin u XCON 6butn pombitiimieaHsiMa C 80-x; DENDRAL — 60-¢,
AlexNet, GPT-2 — DL 2010-x.

3 A, B,D PNF — Skolem — CNF — ximaccuueckas Liemo4ka; 3,5 Ha BBIBOI HE
BIIMSIIOT.

4 B,C,D TCO, tabling u backtracking cranmaptasr; OCCURS  orkimrouén;
JIETePMHUHU3M He
rapaHTupyercs.

5 A, B,D LEX, MEA, weight ctpemsTcsi BEIOpaTh MPaBHUiIO, MPUBOJSINIEE K IIETH
osicTpee; FIFO/LIFO He y9uThIBarOT cIeu(UIHOCTD.

6 A B ISA-nepapxuss = KiIaccH(pUKAIMOHHBIE W WHCTaHC-CBs3u. Part-of —
meporomus; Sibling u causes — uHebIe.

7 A B, E Green-cut He U3MEHSCT CEMAHTUKH, YCKOPSET MOUCK, CTABUTCS IMOCIIE
MPOBEPKH IpeIUKaTa.

8 A, B, E Hy6mn, koudmmkt default, cimmkom rirybokast uepapxust — CHMITTOMBI
N30BITOYHOCTH.

9 A CD BFS, Jlefikctpa u A* 6e3 3BpUCTUKHU AAIOT KpaTYaNIIHA.

10 A'B,CD 1 - d¢QopmansHOE YyCiOBHE; 2 JIOTHYECKH cienyer; 3,4 Toxke
BBITIOJTHAIOTCS; 5 HEBEPHO.

11 B,C,D,E Accuracy Mo>xeT BBOJIUTH B 3a0JTyKICHHE.

12 A B,DE Bonpioit 6aTd MOXKET yXyAIIUTH 0000IIIEHHE.

13 A B,CE ITpasura Mycin: min/max, popmyia, ”HBEpCHUS 3HaKa; 4 HEBEPHO.

14 , B, LIMKJI0B HET; HeMpepbIBHbIC TepeMeHHbIe BO3MOXKHBI (Gaussian BN).

15 A, B,D Parsing u tpan3akiuu — GyHkiu napcepa/bJl, He reasoner.

16 A B,D,E Pydanoe Jupyter-peikarsiBanue He oTHocuTcst Kk MLOpS.




