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3akpbIThie 33/IaHUS HA YCTAHOBJIEHHE COOTBETCTBHSA

I/IHCprKHI/Iﬂ AJIfl BBINIOJITHCHUSA 3aJaHUA: HquHTaﬁTe TEKCT U YCTAHOBUTE

COOTBETCTBUEC

OomenpodeccuonanbHas komnerenuus OIK-6

HNnaukarop: MOIIK-6.1
Bpemsi Ha oTBeT: 2 MMH.
3aganue 1: ConoctaBbTe MOJIENH NPEJCTABICHUS 3HAHUN U UX XapaKTEPUCTUKY:

Mogean H XapakTepucTHKa |

. Jlornueckas HA basa ¢akToB + mporenypa BbIBO/Ia Ha S3bIKE PEAUKATOB |

. CereBas HB I'pad koHIENTOB, CBA3aHHBIX PEOPAMU-OTHOIICHUSIMU |

. OpeiitmoBas HC Hepapxus cnotoB ¢ HacnenoBanueM default-3naueHuit ‘

. HpOI{YKI_II/IOHHa}IHD. [Tpasuno Buga «ECJIN ... TO ...», paboudas naMsth (I)aKTOB‘

3anummre BbIOpaHHbIE O0YKBBI 101 COOTBETCTBYOIIMMH HU(PPAMU:

1 2 3 4

Huapukarop: MOITK-6.1
Bpems Ha oTBeT: 3 MHUH.
3apanue 2. CooTHECHUTE TUIT HEHpoceTH U €€ HanboJiee THITUYHOE MPUMCHEHHE:

Tun cern H Ilpumenenne

. CNN HA PacriosHaBanue n300pakeHHUI M BUACO-KAIPOB

. RNN (LSTM) HB O06paboTka nocyienoBaTeIbHOCTEN TEKCTA HIIM CUTHAJIOB

. GAN HC ['eneparust HOBBIX M300paKEHUI/TAHHBIX

. GNN HD Knaccudukanus y3moB u TMHKOB B rpadax

3anummure BbIOpaHHbIE O0YKBBI 10 COOTBETCTBYOIMMH LU pamMu:

1 2 3 4

HNnaukarop: MOIIK-6.1
Bpemst Ha oTBeT: 2 MHH.

3aganue 3. YcTaHOBHUTE COOTBETCTBHE MEXKAY ieMeHTaMu [Iposora u nx Ha3HaueHueM:

JIeMEeHT H Ha3nauenune

. @akr HA besycnoBHoe yTBepkaeHNE 0a3bl 3HAHUN

. [IpaBuio HB VY CII0BHOE YTBEPKICHUE — CIIEICTBUE «— MPEAYCIL.

. 3anpoc HC L[CJ'IB, KOTOPYIO IIBITACTCA JOKAa3aTh ABUKOK

. IlepemenHas HD CuMBOJI, KOTOPBIN MOXKET YHUDHUIIMPOBATHCS C TEPMAMHU

3anumure BoiIOpaHHbIe OYKBbI 110/1 COOTBETCTBYOIUMH nudpamu:

1 2 3 4




HNuaukarop: UOIK-6.2
Bpems Ha oTBeT: 3 MUH.
3ananue 4. ConocraBbTe a3y xu3HeHHOro nukia ML u e€ apredaxr:

‘ Pa3a H Aptredpakr

‘1. Data Preparation HA OuniieHHBIH, HOPMAIM30BAaHHBIN HAbOp *.parquet

‘2. Model Training HB Becosbie ko3 duttuents .pt/.h5

3. Model Evaluation ||C. Oruér merpux (accuracy, MAPE)

|4. Model Deployment “D Docker-o6pa3/REST-cepBuc

3anummure BoiIOpaHHbIe OYKBBI 1101 COOTBETCTBYIOMUMH nudpamu:

1 2 3 4

HNnauxarop UOIIK-6.1
Bpems Ha oTBeT: 2 MHH.
3aganue 5: CootHecure KOMIOHEHT JC U ero QyHKIUIO:

‘ Kommnonenr H DOyHKUUA ‘
‘1. baza 3nanumit HA XpaHuT npaBuiia/(hakTel IPEAMETHON 001aCTH ‘
‘2. NHupepeH- 1Kok HB BrimmoHseT BEIBO HA OCHOBE TTPaBUII ‘
‘3. Pabouast maMsThb HC Cogepxut Tekymue (HakTbl 3a7a4u ‘

|

‘4. [Tonp30BaTENbCKAN HHTep(beﬁcHD. OO6ecneuyrBaeT BBOJI JAHHBIX M BBIBOJI PEKOMEH/IAITAI

3anummure BbIﬁpaHHbIe 6yRBI>I moa COOTBETCTBYHOINMMHU unc[)paMn:

1 2 3 4

HNuaukarop: MOIIK-6.1

Bpemsi Ha oTBeT: 3 MHH.

3aganue 6. YcTaHOBHTE COOTBETCTBUE MEXKIY CTpaTeruei pazpemieHus KOHGIUKTOB
OIIMCAHUEM:

ueé

‘ Crparerus H Onucanue

‘1. Recency HA CpabatbIBaeT npaBuio, UCHOJIb3YIOIIEE CaMble HOBbIE (DAKTHI

‘2. Specificity HB Bribupaercst mpaBmiio ¢ HanOOJIBIIMM YHCIIOM YCIIOBHHA

‘3. Priority HC [IpaBuia UMEIOT SIBHO 33/1aHHBIE YPOBHU Ba)KHOCTHU

‘4. Random HD [Tpu paBeHCTBE KpUTEPUEB BHIOMpPAETCS CIIy4aitHO

3anumure BoIOpaHHbIe OYKBbI 10/ COOTBETCTBYIOIMMH nudpammu:

1 2 3 4

Huankarop: UOIIK-6.2
Bpemsi Ha oTBeT: 2 MUH.

3ananme 7: ConocraBbTe METpUKY U THII ML-3a7auu, rae oHa HanboJiee MpUMEHUMa:

‘ Merpuka H 3agaua ‘

‘1. Accuracy H A. JIBonuHas kiaccudukanus ¢ cOalaHCUPOBAHHBIMU KJIacCaMH ‘




‘ MeTpuka H 3agaua

|3. MAE H C. Perpeccus (npenckazanue 3HAYCHHS )

|
|2. F1-score “ B. Kitaccudukanus ¢ aucbamaHcoMm KiIaccoB |
%

‘4. Silhouette ScoreH D. Knacrepu3arnus 6e3 yduTens

3anummure BbIOpaHHbIE OYKBBI 110/] COOTBETCTBYOIIMMH udpamu:
1 2 3 4

HNuaukarop: MOIIK-6.1
Bpemsi Ha oTBeT: 2 MHH.
3ananue 8. CooTHecuTe 000J0UKY/S3bIK U €€ 0COOEHHOCTD:

‘Oﬁonom«a” OcobennocTb ‘

‘1. CLIPS HA C-nogoOHBIN CHHTAKCHUC, BCTPOCHHBIN Rete ‘

‘2. Jess HB PeanuzoBana Ha Java, unrerparnus ¢ JVM ‘
‘3. Drools HC BRMS-mrardopma, nogaepxka BPMN ‘
‘4. Prolog HD JleximapaTtuBHOE JTOTHYECKOE HpOI‘paMMI/IpOBaHI/Ie‘

3anumuTe BbIOPpaHHBbIE OYKBBI I0/] COOTBETCTBYHIIUMH IH(ppamMu:
1 2 3 4

Huaukarop: MOIIK-6.2

Bpems Ha oTBeT: 3 MHUH.

3aganue 9: VYCTaHOBUTE COOTBETCTBHE MEXAy (GOpMaToM CcepHalu3allid H  €ero
[IPEUMYIIIECTBOM.

‘ ®opmar H IpeumyiecTBo

‘1. JSON HA HuTaeMoCTh YEJIOBEKOM, IIUPOKAS NMOAAECPIKKA

‘3. XML HC Hannuus cxem (XSD) u Banmuganuu

‘4. Parquet HD Kononounoe xpanenue 1is Big Data ananutiku

|
|
‘2. Protocol BuffersHB. KoMmmakTHOCTh 1 ObICTpast 1ecepuann3anus ‘
l

3anummure BbIOpaHHbIE OYKBBI 110/] COOTBETCTBYOIIMMH U pamMu:
1 2 3 4

Nnaukarop: MOIIK-6.2
Bpemsi Ha oTBeT: 2 MUH.
3apanue 10: ConocraBere nHCTpyMEHT MLOps 1 ero Ha3HayeHue:

‘ HNucrpymenTt H Ha3nayenue

‘1. Docker HA KonTeitHepu3anys u NepeHOCUMOCTh OKPYKEHUN

‘3. MLflow HC OTcnexuBaHue SKCIIEPUMEHTOB U YIIPABICHUE MOACISAMU

|
|
‘2. Kubernetes HB Opxkectpanus KOHTelHepoB, auto-scaling ‘
|
|

‘4. PrometheusHD. COop MeTpUK 1 MOHUTOPHUHT B POJAKIIIHE




3anummure BoIOpaHHbIe OYKBbI 01 COOTBETCTBYOIUMH nudpamu:

1 2 3 4

HNuaukarop: NOITK-6.3
Bpems Ha oTBeT: 3 MHUH.
3aganue 11: YCcTaHOBUTE COOTBETCTBHE METOJIA JIOTHUECKOI'O BBIBOJIA M €r0 TPEOOBAHUS:

Meron H TpedoBanue ‘

‘1. [psamoii (data—driven)HA. Bonbmioit 006éM ¢akToB, HEPUKCHPOBAHHAS 1IETH ‘

2. OOpatHbIii
(goal-driven)

B. KonkpetHas 1esb, orpaHMueHHBINA TOUCK

‘3. ['uOpuHbIA HC KomMOuHanumst: akTHBHOE TIpaBUIIO + IieJieBast MPOBEPKa ‘

4. CeMu-pemiaTesbHbII

D. I'apanTus HaXOXKIEHUS PEHICHUS TOJIBKO MIPH CYIECTBOBAHUH
(HE mosHOoTA)

3anummure Bblﬁpaﬂlﬂ)le 6yKBI)I moJa COOTBETCTBYHOINMMHU lII/I(l)paMI/I:

1 2 3 4

HNnaukarop: MOIIK-6.2
Bpems Ha oTBeT: 2 MHH.
3aganue 12: CooTHECHTE METO/I TIOHWHI A THIIEPIIAPaAMETPOB U €0 0OCOOEHHOCTb:

‘ Metox H OcobennocTh
‘1. Grid Search HA [TonHbIi epebop MO CeTKe 3HAYEHU I

‘3. Bayesian OptimizationHC. Hcnonp3oBaHue anmpokcuManuy GyHKIMN OMIHOKH

‘4. Hyperband HD AJanTHBHOE pecypcHOE 00pe3anue caadbiX KOH(UTYparHii

|
|
‘2. Random Search HB CryuyaliHblif BHIOOP TOYEK B MPOCTPAHCTBE ‘
l

3anummure BbIOpaHHbIC OYKBBI 0] COOTBETCTBYOIIMMH U pamMu:

1 2 3 4

HNuauxarop: MOTIK-6.3
Bpemst Ha oTBeT: 2 MHH.
3ananme 13: ConocraBbTe annapaTHyIO iaThopMy U e€ XapaKTepUCTUKY:

‘HnaT(bopMaH XapakTepucTHKA ‘
‘1. CPU HA VYHuBepcanpHas, HO HU3Kas NapajljIeIbHOCTb ‘
‘2. GPU HB Bricokas mapanienbHOCTh [J11 MaTPUUHBIX OTleparuii ‘
‘3. TPU HC ASIC-uunbl, ONTUMH3UPOBAHHBIC JIJIST TEH30PHBIX BLIchneHI/H‘/'I‘
‘4. FPGA HD Kongurypupyemas noruka, s3ueprocoeperaronias ‘

3anummure BoiIOpaHHbIe OYKBbI 1101 COOTBETCTBYOMUMH nudpamu:

1 2 3 4

Nuaukarop: MOIIK-6.1




Bpems Ha oTBeT: 3 MHH.
3aganue 14: YcTaHOBUTE COOTBETCTBHE AITOPUTMa IOMCKA U €r0 CBOMCTBA!

| AJroputm H CBoiicTBO ‘
|1. BFS HA [TomuoTa, HO OOJNBINIAs MAMSITH ‘
|2. DFS HB Hernoauelid, HO Majas IaMAITh ‘
‘3. A* HC Hcnonb3yeT 3BpUCTHUKY, onTUMajieH pu h < h* ‘
‘4. Iterative DeepeningHD. KomOunamus manoi namaru DFS u moHOTHI BFS‘

3anummure BLIﬁpaHHLIe 6yKBLI moJa COOTBETCTBYHOINMMU III/I(l)paMI/I:

1 2 3 4

Huankarop: MOIIK-6.2

Bpemsi Ha oTBeT: 2 MHH.

3amanme 15:

Bonpoc: ComnocraBbTe METO] YMEHBIICHHS PA3MEPHOCTH U €T0 HILHO:

Metona H Hnes
1 PCA A. OproroHajibHOE peoOpa3oBaHKEe K
' [JIABHBIM KOMIIOHCHTaM
2 t.SNE B. CoxpaHeHue J10KaabHbIX PACCTOSHUM,
' CTOX. BJIO)KCHHE
C. AnreOpau3aliysi TOIIOJOTHH U COXPAHEHUE
3. UMAP pausan P

100aIbHON CTPYKTYpPbI

D. HeiipoceTeBasi peKOHCTPYKIIUS Yepe3
Y3KO€E «TOpJIo»

4. Autoencoder

3anummure BLIﬁpaHHbIe 6yKBI)I Mo COOTBETCTBYHOINMMHU umbpaMn:

1 2 3 4

HNuankarop: UOIIK-6.2
Bpemsi Ha oTBeT: 2 MUH.
3ananme 16: CootHecute MeToA explainability u ¢popmar ero BbBoja!

‘ Metox H @opmart BhIBOA ‘
‘1. LIME HA JlokaspHbIE BA)XHOCTH NTPU3HAKOB I OJHOTO IpUMeEpa ‘
‘2. SHAP HB AuTUBHBIE TII00aJIBHBIE + JTOKAIBHBIE [IEHHOCTH Hlerum‘
‘3. Grad-CAM HC TennoBast kapTa aKTHBAIMK Ha N300pasKEHUH ’
‘4. Partial DependenceHD. I'pad 3aBHCHUMOCTH cpeiHETO OTBETA OT MPU3HAKA ’

3anumuTe BHIOPpaHHBbIE OYKBBI M0/ COOTBETCTBYHIUMH HUppamu:

1 2 3 4

Kuaroun k 3aganuam

\ Howmep Bonpoca \ IIpaBHUIBHBIN BapuaHT OTBETA




1 1-A2—-B,3—-C,4—-D
2 1-A2—-B,3—-C,4—-D
3 1-A2—-B,3—-C,4—D
4 1-A2—-B,3—-C,4—-D
5 1-A2—-B,3—-C,4—D
6 1-A2—-B,3—-C,4—D
7 1-A2—-B,3—-C,4—-D
8 1-A2—-B,3—-C,4—D
9 1-A2—-B,3—-C,4—D
10 1-A2—-B,3—-C,4—-D
11 1-A2—-B,3—-C,4—D
12 1-A2—-B,3—-C,4—-D
13 1-A2—-B,3—-C,4—-D
14 1-A2—-B,3—-C,4—D
15 1-A2—-B,3—-C,4—-D
16 1-A2—-B,3—-C,4—D

3akphIThie 32IaHHUS HA YCTAHOBJICHHE IOCJI€10BATEIbHOCTH

I/IHCprKIII/Iﬂ AJIfl BBINIOJIHECHUSA 3aJaHUA: npoanaﬁTe TEKCT U YCTAHOBUTE
mocjaeaoBaTeJIbHOCTD

OomenpodeccuonanbHas komnerenuus OIK-6

HNnaukarop: MOIIK-6.1

Bpems Ha oTBer: 4 MHH.

3aganue 1: YnopsaounuTte OCHOBHbIE 3Tallbl perieHus 3aaauun M.
A) ®opmanu3zanus TpeOOBAHUIA.

B) Bri6op crioco0a mnpencTaBieHus 3HAHUH/ TAaHHBIX .

C) Pa3zpaboTka anropurma/Mo/IeIH.

D) TectupoBaHue U BaJHIAIIUS.

3anummure COOTBECTCTBYHOIIYIO MMOCJIE€A0BATCIBHOCTD GyKB C JicBa HA NMpaBo:

Nuaukarop: MOIIK-6.1

Bpemsi Ha 0TBeT: 5 MHH.

3apanme 2: Onpenenure MNOPSAOK MPUMEHEHUS METOJa PE30JIOLHMI B HCYUCICHHH
MPEANKATOB:

A) [pusenenue npemnioxenuii k KHD.

B) JloOaBneHre OTpHUIIaHUS TICTTH.

C) UrepaTtBHOE IPUMEHEHUE PE3OITIOIIHH.

D) [IpoBepka mycToil AU3BIOHKTHI

3anummre COOTBECTCTBYIOIIYIO MOCTECA0BATCIbHOCTD 6yKB CJieBa HaA IIPpaBo:

Nuaukarop: MOIIK-6.2




Bpems Ha oTBeT: 4 MMH.

3ananme 3: PaccraBbTe maru BoIBOJIa OTBETA B CEMAHTUYECKON CETH:
A) Jlokanu3zarus y3ia 3ampoca.

B) IIponaranna MeTku 1o péopam.

C) OGHapyxeHHE y3/1a-1IeJIH.

D) ®opmupoBaHue oTBeTa.

3anumure COOTBCTCTBYHOIINYIO MOCTECA0BATEJIbHOCTD ﬁyKB CJI€Ba HaA IIpaBoO.

HMuankarop MOITK-6.3

Bpems Ha oTBeT: 5 MHH.

3ananue 4: OnpeaenuTe MEXaHW3M HACIEOBaHUS CIOTOB:
A) Texymuii ppeiim.

B) IToapém o nienouke ISA.

C) [Ipumenenue default/if-needed.

D) 3aBepiieHnne moucka.

3anuiunTe COOTBETCTBYIOINYIO MOC/IE€A0BATEIbHOCTh OYKB € JIeBa HA PABO:

HNnaukarop: MOIIK-6.1

Bpemsi Ha oTBeT: 4 MHH.

3ananmue 5: Ynopsgouute ¢asbl IMKIA MPSIMOTo BhIBOja Rete:
A) Match.

B) Conflict-Resolution.

C) Act.

D) Update Memory.

3anummTe COOTBETCTBYIOUIYIO MOCJIEI0BATEIbHOCTh OYKB C JICBA HA NPaBO:

HNuankarop: UOIIK-6.2

Bpemsi Ha 0TBeT: 5 MHH.

3aganue 6: Pacmonoxxure 3Tansl ;KU3HEHHOTO IMKIa pa3paboTku IC:
A) Bribop npeaMeTHO# 001acTH.

B) ®opmanusanus 3HaHUIT IKCTIEpTa.

C) Koaupoanue B 000J10UKe.

D) Bepudukarys u Baauaamnus.

3anumure COOTBETCTBYIOIIYIO MOCJIE€A0BATC/IBHOCTD 6y1€B C JIeBa HA NIPaBo.

| | | | |

Nnaukarop: MOIIK-6.1

Bpemsi Ha oTBeT: 4 MMH.

3amanue 7: YCTaHOBUTE MOCIEI0BATEIILHOCTh PEUIEHUS THArHOCTHYECKOH 3aaaun JC:
A) COop CUMIITOMOB.

B) Comnocrapnenue ¢ npaBuiiaMu 0a3bl 3HAHHIA.

C) ®opmupoBaHue TUTIOTES.

D) Beibop onTUManbHO# THITOTE3HI.




3anummTe COOTBETCTBYIIIYIO MOCJI€I0BATEIbHOCTH OYKB C JIeBa HA NMPaBO:

HNnaukarop: MOIIK-6.1

Bpemsi Ha 0TBeT: 5 MHMH.

3ananue 8: Onpenenute sTansl KoHpurypupoBanus oobonouku CLIPS mis HoBo# 3amaun:
A) Onpenenenue dakros (deftemplate).

B) Co3nanue npaswi (defrule).

C) 3arpyska paboucii mamsitu (assert).

D) 3amyck aBmkka (run).

3anumure COOTBCTCTBYHOINYIO OCJTE€A0BATC/ILHOCTD 6yRB C JICBA HA NPAaBO.

| | | | |

HNnaukarop: MOIIK-6.2

Bpevs Ha oTBeT: 4 MHH.

3aganue 9: YopsaouuTe nMporecc B3auMOACHCTBYS SKCIIEpTa ¥ 3HAHUE-UHKEHEpa.
A) UHTEepBbIO JUIS U3BICUCHHS 3HAHUI.

B) ®opmanuzanus u CTPYKTypUPOBAHHE.

C) IoaTBepKaeHNUE MOCTH SKCIIEPTOM.

D) Unrerpanus momaenu B OC.

3anuiuuTe COOTBETCTBYIOINYIO MOC/Ie10BATEIbHOCTh OYKB € JIeBa HA PABO:

Huaaukarop: MOIIK-6.1

Bpemsi Ha oTBeT: 4 MHH.

3ananme 10: Pacnionoxure sTansl pemieHus 3amnpoca B [Iposore:
A) Yaudukamus 1eiu ¢ roJoBoi MpaBmia.

B) ITocTpoeHue creka moieneii.

C) Backtracking npu Heycnexe.

D) BbiBoj 3HAUEHHS TIEPEMEHHBIX.

3anummure COOTBCTCTBYHOIIYIO MMOCTECA0BATCIbHOCTD 6yKB C JIeBA HA MPABO.

Huankarop: UOIIK-6.3

Bpemsi Ha oTBeT: 5 MUH.

3amanue 11: Onpenenure MOpsA0K 3TAOB MIOCTPOCHUS pipeline MaMHHOTO 00Y4eHHS
A) COop 1 04YHCTKA JTaHHBIX.

B) Paznenenue BHIOOPKH.

C) OGyuenue MoeIH.

D) TectupoBaHue u OICHKA.

3anumure COOTBETCTBYIOIIYIO MOCJIE€A0BATC/IBHOCTD 6y1€B C JIeBa HA NIPaBo.

| | | | |

Nnaukarop: MOIIK-6.2

Bpemsi Ha oTBeT: 4 MUH.

3aganue 12: VYmnopsgouute otanbl BHeapenus WU-monyns B cymiecTByromui
UH(POPMALIMOHHBIM KOMIUIEKC!




A) Pazpabotka API-koHTpaKTa.

B) Konreiinepuszamus u CI/CD.

C) MOHHUTOPHHT U JIOTUPOBAHHE.

D) IlepexmoueHue tpaduka (canary/batch).

3anummure COOTBCTCTBYHINYIO MOCTECA0BATEJIbHOCTD ﬁyKB C JICBA HA MpPaBo.

Muaukarop: MOIIK-6.1

Bpemsi Ha oTBeT: 4 MHMH.

3ananue 13: Onpenenure nopsiiok 0OHOBICHHS 6a3bl 3HaHUN DC 6€3 OCTAaHOBKHU CEpBHCA.
A) Co3nanue HOBoIi Bepcun b3 B «TeHeBo» cpejie.

B) TectupoBaHue Ha STaIOHHBIX Keiicax.

C) I'opsiuas moamena b3.

D) OTkaT npu CHU)KEHUU TOYHOCTH.

3anuiuuTe COOTBETCTBYIOINYIO MOC/Ie10BATEIbHOCTh OYKB € JIeBa HA PABO:

HNnaukarop: MOIIK-6.2

Bpemsi Ha oTBeT: 4 MUH.

3aganue 14: PaccraBbre osTansl npumeHeHus Al ang  3agaun (U3HUYECKOTO
MOJIETTUPOBAHUS:

A) Ananu3 pazmepHocTeil u cOOp IKCIIEPUMEHTAIBHBIX JTAHHBIX.

B) Bei6op unciennoii/ML-moaeny.

C) Hacrpoiika runeprnapamMerposB.

D) Bepuduxkaius Moaenn GU3HIeCKUMH 3aKOHAMH.

3anummTe COOTBETCTBYIOUIYIO IOCJIe0BATEIbHOCTh OYKB C JIEBA HAa NPaBO:

HNuankarop: UOIIK-6.2

Bpemsi Ha oTBeT: 5 MUH.

3ananme 15: Onpenenure nopsI0K MOCTpoeHUs BpeMeHHoro ML-niporuosa crpoca:
A) uddepeHurpoBanue u CTabUIM3anuUs psija.

B) O6y4enune mogenu (ARIMA/LSTM).

C) O6patHOoe MacITabUpOBaHKUE U OI[CHKA TOYHOCTH.

D) Beibop metpuku (MAPE/SMAPE)

3anumure COOTBECTCTBYIOIIYIO MOCJIE€A0BATC/IBbHOCTD 6y1€B C JIeBa HA NMpaBo.

| | | | |

Nnaukarop: MOIIK-6.2

Bpemsi Ha oTBeT: 4 MUH.

3ananue 16: Ynopsaounte stanst CI/CD mis moxenu U
A) IlpoBepka Ko/1a ¥ FOHUT-TECTHI.

B) C6op Docker-oopa3a.

C) [Iyonukanus B registry 1 pa3BépThIBaHUE.

D) ABTOMaTH4eCKOE TECTHPOBAHUE MPOU3BOAUTEIHHOCTH.

3anummure COOTBETCTBYIOIIYIO MOCTECA0BATEIBHOCTD 6yKB C JieBa HA NMPaBoO.



Kiaroun k 3aganusam

Howmep Bompoca [IpaBuibHBIN BapraHT OTBETA
1 B—-A—->C—-D
2 A—-B—->C—-D
3 A—-B—->C—-D
4 A—-B—->C—-D
5 A—-B—->C—-D
6 A—-B—-C—D
7 A—-B—->C—-D
8 A—-B—->C—D
9 A—-B—-C—D
10 A—-B—->C—-D
11 A—-B—->C—-D
12 A—-B—->D—>C
13 A—-B—->C—-D
14 A—-B—->C—-D
15 A—-D—->B—-C
16 A—-B—->D—->C

OTKpBITHIE 32JaHUA C PA3BEPHYTHIM OTBETOM

I/IHCprKIII/Iﬂ AJIfl BBINIOJIHCHUSA 3aJaHUA: npoanaﬁTe TEKCT U 3alIMIINTE

pa3BepHYTHIii 000CHOBAHHBII 0TBET

Oomenpodeccuonanbuas komnerenuusa OIK-6

HNnaukarop: MOIIK-6.1

Bpemst Ha oTBeT: 4 MHH.

3aganue 1: Yro Takoe 6a3a 3HaHUI SKCIEPTHONU CUCTEMBI?
IHose nois oTBera:

Huankarop: UOIK-6.1

Bpems Ha oTBeT: 4 MUH.

3ananme 2: Kak pabotaer npsmoii (data-driven) BeiBozt B Rete-cetn?
IMone nist oTBeTa:

Huankarop: UOIK-6.1

Bpemst Ha oTBeT: 5 MMH.

3aganue 3: B uém pasnuna mexay BFS u DFS no ncnons3oBanuto namsatu?
IToJsie noist oTBeTa:

Nuaukarop: MOIIK-6.1
Bpemst Ha oTBeT: 4 MHH.
3ananmue 4: Kakue BupI c10€B OOBIYHO BXOST B CBEPTOUHYIO HEHPOCETH?




ITose nus orBera:

HNnaukarop: MOIIK-6.1

Bpems Ha oTBeT: 5 MHH.

3aganue 5: [Touemy curmoniaabHasi aKTUBAIMS PUBOINT K 3aTyXArOMIEMy TPAJUCHTY?
IToJe nuist orBeTA:

HNnaukarop: MOIIK-6.1

Bpemsi Ha oTBeT: 4 MHH.

3aganue 6: YTo mpou30oiIET ¢ TpailueHTHBIM CITyCKOM, eCii KO3 PHuuueHT 00yueHus
YCTaHOBUTH CIIUIIKOM OOJIBIIUM?

IToJie a1 oTBETA:

Huaukarop: MOIIK-6.3

Bpems Ha oTBeT: 4 MHH.

3aganue 7: Kakyro akTuBamuio npeanoyects s riayookoit CNN u moyemy?
ITose njis oTBETA:

HNuaukarop: MOIIK-6.2

Bpems Ha oTBeT: 5 MHH.

3ananue 8: Kakoii yckoputens ddpdexruHee st edge-ycrpoiictBa: GPU unmu TPU Edge,
U noyemy?

IMose nJst oTBeTa:

Nnaukarop: MOIIK-6.2

Bpemst Ha oTBeT: 4 MHH.

3ananue 9: Y Bac natacet: 95 % xnacca 0, 5 % — xnacc 1. Kakoe nepBoe neiictBue
npennpumere?

IMone nist oTBeTa:

Nnaukarop: MOIIK-6.1

Bpemsi Ha oTBeT: 5 MUH.

3aganue 10: Yto Takoe «salience» B CLIPS?
ITosie noist oTBeTA:

Huankarop: UOIK-6.1

Bpems Ha oTBeT: 4 MHH.

3ananme 11: Kak anroputm backpropagation BeIYUCIIsSET rpaJUeHTHI?
IToJsie n1st oTBeTA:




HNunukarop: MOITK-6.3

Bpems Ha oTBeT: 5 MHH.

3aganue 12: B uém kimoueBoe otiinume supervised ot unsupervised learning?
IToJse nus orBera:

HNnaukarop: MOIIK-6.2

Bpemsi Ha oTBeT: 4 MHH.

3amanue 13: Kakue ocHOBHBIE dTanbl BKiIrodaetr ML-pipeline?
ITose nus orBera:

HNnaukarop: MOIIK-6.2

Bpems Ha oTBeT: 5 MHH.

3aganue 14: [louemy Docker-kontelineps! ynpouator pa3séproiBanue M-monenein?
ITos1e nas1 oTBeTA:

HNuaukarop: MOIIK-6.1

Bpems Ha oTBeT: 4 MHH.

3aganue 15: Yto npon3oiaET ¢ TOUHOCTHIO, €CIIM OCTaBUTh Dropout BKIIOUEHHBIM Ha
sTane uHdepeHca?

IMose nJst oTBeTa:

HNupukarop: MOITK-6.3

Bpemsi Ha oTBeT: 5 MHUH.

3aganue 16: Kakyio MeTpUKy IpearnouTUTENbHEE NCIIOIB30BATh AJIs OLIEHKH MOJIENU TTPH
CUJILHOM JircOaaHce KJIAcCOB U MovYemMy?

IHose nis orBera:

Kuaroun k 3aganuam

Howmep Bompoca OtBet (pa3BepHyTOE 0OOCHOBAHUE)

1 CTpyKTypHpOBaHHOE XpaHHIHUILE (PAaKTOB U MPABUIIL.

[{uxn Match — Conflict — Act — Update.

BFS tpebyer sxcnoneHnuanpHo 6ombie namsita, DFS — nuneiino.

Conv, Pooling, Fully-Connected, BatchNorm, ReL U.

ITpousBoanas crpemutcs K O mpu HACBIILICHUU.

Monens OyeT pacxoIUThCs/OCIIIIITUPOBATS.

N[OOI~ WIN

RelLLU — u30eraer 3aryxaHus.




8 TPU Edge — BbI11€ 5HEprodPpheKTHBHOCTD.

9 [TpumeHto cTpaTu(GUIIMPOBAHHYIO BHIOOPKY/PECIMIUIMHT.

10 YwuciioBol MpUOPUTET IIPaBHUIIA.

11 ITo npaBwmty nienouku (chain rule) B 0OpatHoM mopsiiKe CIIOEB.

12 Hanaue pa3MedeHHBIX [EJIeBBIX METOK.

13 Data Prep, Train, Validate, Deploy, Monitor.

14 O6ecneunBaOT OJUHAKOBOE OKPY>KEHHE.

15 TOYHOCTDh CHU3UTCS U3-32 CTOXACTUYECKUX OTKIIFOUCHHIA HEHPOHOB.
16 F1-score — 6ananc Precision u Recall.

3aKpLIThIE 32JaHUS ¢ BLIOOPOM OJJHOI'0 NPABUJILHOI'0 OTBETA U 000CHOBAHMEM
BbIOOpA

HNHcTpyKuMsA 11 BHINOJTHEHUS 32/IaHUS: IPOYUTANITE TEKCT, BbIOepUTe
NPABWJIbHBIN OTBET U 3alIUIIUTE APryMEHThI, 000CHOBBIBAKOIIIHE BBIOOP OTBETA

Oomenpodeccnonanpaasg komnerenuusa ONK-6

HNupukarop: UOITK-6.1

Bpemsi Ha oTBeT: 4 MUH.

3ananme 1: Kakona rinaBHas nenb «Tecta Teropunran?

</ Bbi0epHuTe 011H NPABUIbHbIN OTBET:

A) IIpoBepka CKOPOCTH BBIYUCICHUIN MPOrPaAMMbI
B) Orienka criocoOHOCTH MalTHHBI KMUTHPOBATh Pa3yMHYI0 Oecey
C) Onpenenenne MOIIIHOCTH HEHpOIpoIieccopa
D) CpaBHeHMe KauecTBa AITOPUTMOB COPTHPOBKH

Otser:

O6ocHoBaHme:

HNupukarop: UOITK-6.1

Bpemsi Ha oTBeT: 4 MHUH.

3aganue 2: Kakoif KOMIIOHEHT WHTEIJIEKTYaTbHOM CHCTEMBI OTBEUAET 32 XpaHEHHE
peIMETHBIX (GaKTOB?
</ Bbi0epuTe 01MH NPABUJIbHbIN OTBET:

A) UndepeHIr-1BrmKxok

B) Basa 3Hanwmii

C) Pabouast mamMsTh

D) Moayinb 00bsICHEHUI

OTtser:

O0ocHoBaHme:

Nuaukarop: MOIIK-6.1

Bpems Ha oTBeT: 5 MUH.

3aganue 3: B xakoil popme 10KHBI OBITH BCE MPEIOKEHUSI, YTOOBI TPUMEHUTH METO/T
pe3oaounii?
</ BriGepuTe 0MH NPABUILHBI 0TBET:




A) JIu3bI0HKTHBHAs HOpMalibHas popma
B) KonbroHkTHBHAsE HOpManbHas Gopma
C) HopmanbHnas ¢popma Ckoema

D) KBa3su-kinaccudeckas popma

Otser:

O0ocHoBaHme:

Huankarop: MOIIK-6.1

Bpems Ha oTBeT: 4 MHH.

3aganue 4: Kakoe oTHOIIEHHE B CEMAaHTHYECKOI ceTH 0003HAYaeT HACIEOBaHUE
CBOICTB?

</ Bbi0epuTe 011H NPABUILHbIH OTBET:

A) PART-OF

B) IS-A

C) CAUSE-OF

D) INSTANCE-OF

OTtBerT:

Oo0ocHoBaHue:

Huaukarop: MOIIK-6.1

Bpems Ha oTBet: 4 MHH.

3auanne 5: Kak "Ha3rpIBaeTcsa nmpoueaypa, Kortopas 3aiyCckacTcs IMpru OTCYTCTBUH 3HAUCHUA
ciora?
</ BoiGepuTe OMH NPABUILHBIA 0TBET:

A) if-added

B) if-needed

C) if-removed

D) if-updated

OtBeT:

O6ocHoBaHue:

Huankarop: UOIIK-6.1

Bpems Ha oTBeT: 4 MUH.

3amanue 6: Kak Ha3pIBaeTCs MEXaHU3M BBIOOpa OJTHOTO MpaBHiIa U3 HA0OPA ITOAXOISIIHX ?
< BobiGepuTe OMH NPABHILHBIA OTBET:

A) ®aza Match

B) ®aza Act

C) Pazpemenue kondmukra (Conflict Set)

D) ®aza Update

Ortser:

O0ocHoBaHMe:

Nuaukarop: MOIIK-6.1
Bpemsi Ha oTBeT: 5 MUH.




3ananme 7: Kakas skcniepTHas cUCTEMa JIydllie BCEro MOAXOIUT IS 3a/1a4
KJIaccu(puKauy U300pakeHui?

</ Bbi0epuTe 011H NPABUILHbIN OTBET:
A) Tnarnoctuueckas rule-based
B) Heiipocereras (connectionist)
C) CumBonuueckast IIaHuPYIOIIast
D) I'eorpaduueckas TMC-2C
Oteert:
O0ocHoBaHMe:

HNuauxarop: UOIMK-6.1
Bpems Ha oTBeT: 4 MHH.
3aganue 8: Kakoif MHCTpyMEHT HE OTHOCUTCS K 000JI0UKaM MpaBuiI?

</ Bbi0epuTe 011H NPABUILHBIN OTBET:
A) CLIPS
B) Drools
C) TensorFlow
D) Jess
Otser:
Oo6ocHoBaHme:

HNnaukarop: MOITK-6.3

Bpems Ha oTBeT: 5 MUH.

3ananmue 9: [[ns gero ucnonws3zyercs oneparop «!» (cut) B [Ipomore?
< BoiGepuTe 0OMH NPABUILHBI OTBET:

A) Y aanset pakt u3 6a3pl 3HAHHUH

B) 3amperaer nanpHeiimmii backtracking 3a Touky cut

C) 3aBepiiaer nporpaMmy

D) KomMmeHTHpYET CTPOKY

Otser:

O0ocHoBaHme:

HNuauxarop: MOTIK-6.1

Bpemst Ha oTBeT: 4 MHMH.

3aganue 10: Kakoii aropuT™ rapaHTUpyeT HaX0XkJI€HUE ONITUMAJIbHOIO ITyTH
IIPU IOITyCTUMOM 3BpUCTHKE?

</ BriGepuTe 0OMH NPABHILHBI 0TBET:
A) DFS
B) BFS
C) A*
D) Greedy-Best-First
Otsert:
Ob0ocHoBannue:



HNupukarop: MOITK-6.1
Bpems Ha oTBeT: 4 MHH.

3aganue 11: Kakyio akTHBAIHIO Yalle MPUMEHSIIOT, YTOOBI YMEHBIIIUTH MTPOOIEMY

«BaTyxaruicro rpaau€aTra» B l"J'IY6OKI/IX ceTsax?

</ BbifepuTe 011H NPABUILHbIN OTBET:
A) Sigmoid
B) Tanh
C) ReLU
D) Softmax
Otsert:
Oo6ocHoBaHMe:

HNuaukarop: MOIIK-6.2
Bpems Ha oTBeT: 5 MHH.
3ananme 12: Kakas wMerpuka

</ Bbi0epHuTe 011H NPABUIbHBIN OTBET:

A) Accuracy
B) Precision
C) Fl1-score

D) R-squared
OTtBer:
ObocHoBaHue:

Nnaukarop: MOIIK-6.2
Bpemsi Ha oTBeT: 4 MHUH.

yCTOMYMBA

K

nucbanaHcy

3aganue 13: Kakoii MHCTpYMEHT 4allle BCEro UCMOib3yIOT IS ynakoBku M-

IMMPUITOKCHUA B U30JIMPOBAHHOC Opr}KeHI/Ie?

</ BbiGepuTe OMH NPABHILHBIA OTBET:
A) Vagrant
B) Docker
C) Ansible
D) Terraform
OrtBer:
O0ocHoBaHme:

Huankarop: UOIIK-6.2
Bpemst Ha oTBeT: 5 MMH.

KJIacCOB?

3ananme 14: Kaxoii metox explainability npegocTasiseT JokaabHOE 00bICHEHHE IS

KaKJIOTO OTZIEJIBHOTO IIpumepa?
< BriGepuTe 0OMH NPABHILHBI 0TBET:
A) SHAP
B) Grad-CAM
C) LIME
D) Partial Dependence



OtBer:
Oo0ocHoBaHHE:

HNupukarop: MOIIK-6.1

Bpems Ha oTBeT: 4 MHH.
3ananue 15: Kakoii cnenmanu3upoBadHbiid yut Google onTUMU3HPOBaH ISl MATPUYHBIX
(TeH30pHBIX) onepanuii?
</ Bbi0epuTe 011H NPABUILHBII OTBET:
A) GPU
B) TPU
C) DSP
D) CPU
Otsert:
O0ocHoBaHMe:

HNnaukarop: MOIIK-6.2

Bpems Ha oTBeT: 4 MHH.

3aganue 16: Kakoii MmeTos ObIcTpee BCEro HaX0AUT XOPOLIME FUIepIIapaMeTpsl IpU
OTpaHHYEHHOM OI0JKeTe, aIallTUBHO OTOpackiBasi ciadble BapUaHTHI?
</ Bbi0epuTe 011H NPABUILHBIN OTBET:

A) Grid Search

B) Random Search

C) Hyperband

D) Hill Climbing
OrtBer:
Ob0ocHoBaHmue:
Kiiroun k 3aganusam
Homep | Ortser OtgeT (pa3BepHyTOE 0OOCHOBAHUE)
BOIIpPOCA
1 B Tect onieHMBaeT, MOXKET JIM MAIIMHA HEOTIMYUMO OOIIATHCS KaK YETOBEK.
2 B baza 3HaHuil conepKuT PakThl ¥ MpaBUiIa MPEIMETHOM 00IacTH.
3 B Pesomrorust padoraet Toipko ¢ KHD.
4 B IS-A cBsI3bIBa€T NOJKIACC C HAKIACCOM.
5 B if-needed BeIUMCIsIeT 3HAUEHHE «TI0 TPEOOBAHUION.
6 C | Conflict Set pemiaer, kakoe npaBuUI0 aKTHBUPOBATH.
7 B HeiipoceTn npeBoCcXo T MpaBuia MpH pacro3HaBaHUU 00Pa3oB.
8 C TensorFlow — ¢peiimBopk riybokoro o0y4enus, a e rule-engine.
9 B Cut ukcupyeT BEIOpaHHYIO BETBb TOUCKA.
10 C A* ontumaiien, eciu h(n) He nepeboObIIAET HUCTUHHYIO CTOUMOCTD.
11 C ReLU wumeer mnpous3BOAHYHO 1 Ha NOJIOKUTENBHOM BXOJE, TPagUEHT
HE 3aTyXaer.
12 C F1 rapmonnyecku coueraer Precision u Recall.
13 B Docker co31aét KOHTEHHEpPbI ¢ BCEMH 3aBUCUMOCTSIMHU.




14 C LIME ctpout j10KanbHyI0 JUHEHHYIO alllTPOKCUMAIIAIO BOKPYT TOUKH.

15 B TPU = Tensor Processing Unit.

16 C Hyperband wucmons3yeT mNpUHIUIT paHHETO OCTAaHOBA W PacHpeaeiseT
pecypchl 3G GEKTHBHO.

3aKkpLITHIE 33aHHS ¢ BLIOOPOM HECKOJbLKHX BAPHAHTOB OTBETA H PA3BEPHYTHIM
000CHOBAHNEM BLIOOpa

HNucTpykuus 1151 BbINOJHEHUS 3aaHUs: IPOYUTANTE TEKCT, BbIOEpUTE BCe
NMPaBWJIbHbIE OTBETHI U 3aNMIINTE APTYMEHTbI, 000CHOBBIBaIOIIIME BHIOOP OTBETOB

OomenpodeccuonanbHas komnerenuus OIK-6

HNuaukarop: MOIIK-6.3
Bpems Ha oTBeT: 7 MHH.
3ananme 1: Kakue Mmoenu npeacTaBiaeHus: 3SHAHUM SIBISIOTCS CUMBOJIMYECKUMHU?

</ Bbl0epuTe HECKOJILKO HeNPAaBHILHBIX 0TBETOB:
A) Jloruueckas (predicate logic)
B) ®peiimoBas
C) CereBas (ceMaHTHYECKHE CCTH)
D) Heiipounas (MLP)
E) BaiiecoBckast ceTh
Otsert:
O0ocHoBaHMe:

HNnaukarop: MOIIK-6.1

Bpemsi Ha oTBeT: 7 MHUH.

3ananme 2: Kakue onepanuu BXoasT B npouecc yHudukanuu B [Tpomore?
</ BbiGepuTe HECKOILKO HENPABUJILHBIX OTBETOB:

A) BeipaBHUBaHHE CTPYKTYPHBIX KOHCTAHT

B) Ha3naveHue 3Ha4eHHI TepEMEHHBIM

C) [IpoBepka TUIOB TaHHBIX BO BPEMsI UCTIOHEHHUS

D) PekypcuBHas mpoBepKa MoITEPMOB

E) Beluncnenne YUCICHHBIX BBIpOKESHUN

Ortser:

O0ocHoBanmue:

Huankarop: UOIK-6.1

Bpems Ha oTBeT: 8 MUH.

3ananme 3: Kakue ctpaterun paspeuieHus KOHQIUKTOB rpexycMorpensl B CLIPS?
< BbiGepuTe HECKOJILKO HENPABUJILHBIX OTBETOB:

A) Depth

B) Breadth




C) Lex — nekcukorpaduueckas

D) Random

E) Meta-priority o 3nagenusm ciora salience
Oteert:

O0ocHoBaHMe:

HNnaukarop: MOIIK-6.1

Bpemsi Ha oTBeT: 7 MHH.

3ananue 4: Kakue QyHKIMY aKTHBAIIMHA HECYT PHUCK «3aTYyXaOIIEro TPAIUCHTa B
TyOOKHUX ceTsix?
< BbifepuTe HECKOJIbKO HeNPABHIbLHLIX 0TBETOB:

A) Sigmoid

B) Tanh

C) ReLU

D) Leaky ReLU

E) Softplus

Otser:

O0ocHoBaHMe:

HNnaukarop: MOIIK-6.2
Bpems Ha oTBeT: 7 MHH.
3aganue 5: Kakue MeTpuky NpUMEHHUMBI K perpeccuu?

< BrbiGepuTe HECKOILKO HENPABUJILHBIX 0TBETOB:
A) MAE
B) Accuracy
C) R? (ko3¢ dunmeHT geTepMHUHAIINN )
D) MAPE
E) F1-score
Oteer:
O0ocHoBaHme:

Nuaukarop: MOIIK-6.2
Bpemsi Ha oTBeT: 7 MUH.
3ananue 6: Kakue sramnel BXoaaT B TunnuHbiii MLOps-koHBeliep?

</ BbiGepuTe HECKOILKO HENPABUJILHBIX 0TBETOB:
A) Data Versioning
B) Model Registry
C) Static Code Analysis
D) A/B Testing B mpoaxiiae
E) OGyuenue 6e3 coxpaHeHHUsT IKCTIEPUMEHTOB
OrtBer:



Oob0ocHoBaHmMe:

HNuaukarop: MOIIK-6.3
Bpemsi Ha oTBeT: 8 MUH.
3ananmue 7: Kakue merozas! explainability moaxoasT asis n3o0pakeHmit?

< BbifepuTe HECKOJIBbKO HeNPABHILHLIX 0TBETOB:
A) Grad-CAM
B) LIME (image mon)
C) SHAP Deep
D) PDP (Partial Dependence)
E) Permutation Importance
Otser:
O0ocHoBaHMe:

HNnaukarop: MOIIK-6.2

Bpems Ha oTBeT: 7 MHH.

3ananue 8: Kakne 6ubnmmorekn aBromMmatu3upyroT Bayesian Optimization
rUneprapamMmeTpos?
</ BbifepuTe HECKOJIBKO HeNPABHILHBIX 0TBETOB:

A) Optuna

B) Hyperopt

C) Scikit-Learn GridSearchCV

D) Ax (Bayesian Optimization)

E) RandomizedSearchCV

Otser:

O0ocHoBaHme:

HNnaukarop: MOIIK-6.2

Bpems Ha oTBeT: 8 MUH.

3aganue 9: Kakue crangapThl HCTIONB3YIOTCS TSl cepranu3anuu rpaga RDF?
< BrbiGepuTe HECKOJILKO NPABUJILHBIX OTBETOB:

A) Turtle

B) JSON-LD

C) CSV

D) N-Triples

E) Parquet

OrtBer:

O0ocHoBaHMe:




HNupukarop: MOITK-6.1

Bpems Ha oTBeT: 7 MHH.

3ananue 10: Kakue anropuTMbsl OTHOCATCS K HHYOPMHUPOBAHHOMY (IBPHCTUUYECKOMY)
MOUCKY?
< BbifepuTe HECKOJIBbKO NPABUILHBIX OTBETOB:

A) A*

B) ID-DFS

C) Greedy Best-First

D) Uniform-Cost

E) Hill Climbing

OrtBer:

O0ocHoBaHMe:

HNnaukarop: MOIIK-6.1
Bpems Ha oTBeT: 8 MHH.
3ananue 11: Kakue GpakTopsl yBeIMIHBAIOT MPOMYCKHYIO criocodnocts GPU-
BBIYMCIICHUI?
</ BbifepuTe HECKOJIBKO HeNPABHILHBIX 0TBETOB:
A) Bonbmioii pasmep 6aTua
B) Huskas apupmeTrueckasi HHTCHCUBHOCTD
C) Ucnons3oBanue tensor-saep FP-16
D) HecornacoBannas (non-coalesced) mamsTh
E) Acunaxponnsie CUDA-moToKH
Otser:
O0ocHoBaHme:

HNnaukarop: MOIIK-6.2

Bpemsi Ha oTBeT: 7 MHUH.

3amanue 12: Kakie MeTo1pl HEJTMHENHEBIE?
</ Bbl0epuTe HECKOJIbKO HeNPABHILHBIX 0TBETOB:

A) PCA

B) Kernel PCA

C) t-SNE

D) UMAP

E) Truncated SVD

OTtBerT:

Oo0ocHoBaHue:

Huankarop: UOIIK-6.2
Bpems Ha oTBeT: 7 MHH.




3ananue 13: Kakue yrBepkaeHUs XapaKTEPHBI sl 0alieCOBCKUX CETEH?

< BbifepuTe HECKOJILKO HENPABUILHBLIX 0TBETOB:
A) SIBHO KOIUPYIOT YCIOBHBIC 3aBUCMOCTH MTEPEMEHHBIX
B) TpeOytoT anmkianaHocT rpada
C) Moryt cojepxaTh IUKJIbI 00paTHO# CBA3M
D) [1o3BoJSIIOT MPOBOIUTH KaK MPSMOH, TaK U OOPATHBIN BBIBO/T
E) Ucronb3yroT CKPBITHIE CJIOM HEHPOHOB TSl 00y4YeHUs
OrtBer:
O0ocHoBaHMe:

HNnaukarop: MOIIK-6.3

Bpems Ha oTBeT: 8 MHH.

3ananue 14: Kakue anropuTMbl OTHOCATCS K KjacTepuzanuu??
< BrbiGepuTe HECKOILKO HENPABUJILHBIX OTBETOB:

A) K-Means

B) DBSCAN

C) Apriori

D) Agglomerative HC

E) ARIMA

Otser:

O0ocHoBaHme:

HNuankarop: UOIIK-6.2
Bpemst Ha oTBeT: / MMH.
3aganue 15: Kakue a1neMeHThl paciMCbIBatOTCS B OHTOsI3bIKE OWL?

< Bbi0epuTe HECKOJIBKO HeNPABHILHBIX 0TBETOB:
A) Kiaccel
B) OGbekTHBIE CBOWCTBA
C) HMauubie-coiictpa (datatype)
D) UuauBuas! (instances)
E) GPU-meTanantbie
Otser:
O0ocHoBaHme:

Nnaukarop: MOIIK-6.2
Bpems Ha oTBeT: 8 MUH.
3ananue 16: Kakue mpakTHKH TOMOTAOT 3aIIUTUTRCS OT adversarial attacks?

</ BbiGepuTe HECKOILKO HENPABUJILHBIX 0TBETOB:
A) Adversarial Training
B) Gradient Masking
C) Input Randomization



D) Feature Squeezing
E) Dropout Tonbko B 00yueHUN

OTtsert:
OobocHoBaHue:
Karoun k 3aganusam
Howmep OtBer OtBet (pa3BepHyTOE 0OOCHOBAHME)
BOIIpOCa

1 A, B, C, E| CumBonuka onepupyeT NOHITUSME U oTHOLeHUsIMI; MLP — cyOcumBonmyHa.

2 A, B, D | YHudwukanus cormocTapisieT TEPMBI IO CTPYKTYPE U TIepEMEHHBIM.

3 A, B, D, E| CLIPS nmoanepxusaet Depth, Breadth, Random, Salience; Lex otcyrctByer.

4 A, B, E | Curmouna, tanh u Softplus Hackiarores, rpaaueHT crpemutcs k 0.

5 A, C,D |MAE, MAPE, R? onieHnBatoT HepephIBHBIC TIPEICKa3aHUsI.

6 A, B, C, D | BepcunpoBanue [TaHHBIX, peecTp MojeieH, anamu3 koma u A/B-rect —
best practice; 1. 5 TPOTHBOPEYHT.

7 A, B, C |Grad-CAM, Image-LIME u Deep SHAP Bu3yaiusupyoT BaKHOCTh TUKCEIIEH.

8 A, B, D |Optuna, Hyperopt, Ax ucrionssyror BO; Grid/Random — wer.

9 A, B, D |Turtle, JSON-LD, N-Triples nognepxusator RDF; CSV/Parquet — tabiudsbie.

10 A, C, E | Hcnoneayrot 3Bpuctuky h(n); Uniform-Cost u ID-DFS — He ncnonbs3yiot.

11 A, C, E |baru 1, tensor-sapa FP-16, acuaxponnocts — > TFLOPS; 2-4 cHmxartoT.

12 B, C,D |Kernel-PCA, t-SNE, UMAP ynapiuBaroT HeJTMHEHHBIC MaHU( OB

13 A, B, D | DAG, 3aBucumocTH, 00a HarpaBJIcHUS BHIBOJIA.

14 A, B,D |K-Means, DBSCAN, wuepapxuueckas HC-— «mactepuzamusi;  Apriori—
acconuanun, ARIMA — Bpemst.

15 A, B, C, D|OWL onpenensier T-Box (knaccel/cBoiictBa) u A-Box (unauBusi); GPU — Her.

16 A, C, D |OOyuenre Ha BpaxJeOHBIX MpUMepax, PaHIOMH3AIUS BXOJa, yMCHbBIICHHE
YYBCTBUTEJILHOCTH ITPHU3HAKOR.




